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Abstract
In the contemporary enterprise landscape, corporate knowledge is often fragmented across 

a multitude of systems, including documents, emails, and internal chat logs. This 

decentralization of information presents a significant barrier to efficient knowledge access 

and utilization, hindering employee productivity and informed decision making. To address 

this challenge, this paper introduces the Corporate AI Knowledge Base (CAKB) framework, a 

comprehensive, end to end architectural blueprint for creating a centralized, intelligent 

repository of organizational knowledge. The framework leverages Retrieval-Augmented 

Generation (RAG), a state of the art artificial intelligence technique, to provide employees 

with an intuitive and powerful interface to query the entirety of the company's knowledge 

assets. The CAKB framework is presented as a practical and future proof guide for 

organizations seeking to unlock the full potential of their collective intelligence. This paper 

outlines a seven phase methodology for the successful implementation and management 

of a CAKB, covering the entire lifecycle from initial knowledge audit to continuous 

knowledge management. The primary contribution of this work is a detailed architectural 

and procedural framework that is both tool agnostic and readily adaptable to the specific 

needs of any organization, offering a clear path to transforming scattered information into a 

strategic asset.

1. Introduction
The modern enterprise operates in an environment of unprecedented information velocity 

and volume. Knowledge, the lifeblood of any organization, is generated and stored across a 

vast and ever expanding array of digital platforms, including internal wikis, shared drives, 

email servers, and instant messaging applications. While this proliferation of information 

represents a tremendous potential asset, its fragmented and often unstructured nature 

creates significant challenges for effective knowledge management. Employees frequently 

struggle to locate relevant information, leading to duplicated effort, inconsistent decision 

making, and a general decline in operational efficiency. The inability to effectively leverage 

collective knowledge can stifle innovation and create a competitive disadvantage in a 

rapidly evolving marketplace. Traditional knowledge management systems, often 

characterized by manual curation and rigid search functionalities, have proven increasingly 

inadequate in addressing the complexities of the modern information landscape. These 

systems typically lack the ability to understand the semantic meaning of content, resulting 



in search results that are often irrelevant or incomplete. Furthermore, they are ill equipped 

to handle the sheer volume and variety of unstructured data that constitutes the bulk of 

corporate knowledge.

To overcome these limitations, a new paradigm for corporate knowledge management is 

required, one that is intelligent, dynamic, and user centric. This paper proposes the 

Corporate AI Knowledge Base (CAKB) framework, a comprehensive approach to building 

and managing a centralized, AI powered knowledge repository. The CAKB framework is 

designed to provide a single source of truth for all organizational knowledge, empowering 

employees with the ability to access the information they need, when they need it, through 

a natural and intuitive interface. By leveraging advanced AI techniques, specifically 

Retrieval-Augmented Generation (RAG), the CAKB framework transforms the way 

organizations interact with their knowledge assets. The RAG model combines the strengths 

of large language models with the precision of targeted information retrieval, enabling the 

system to understand user queries in their natural language and generate responses that 

are not only accurate but also contextually relevant. This approach moves beyond simple 

keyword matching to a deeper, semantic understanding of both the user's intent and the 

available information.

The primary contribution of this paper is a detailed, seven phase framework for the design, 

implementation, and ongoing management of a CAKB. This framework provides a practical, 

step by step guide for organizations of all sizes, offering a tool agnostic and adaptable 

blueprint that can be tailored to specific business needs and existing technological 

infrastructure. The paper will present a complete architectural design for an enterprise AI 

search system, from the initial stages of data ingestion and processing to the final user 

interface and experience. We will provide practical guidance on critical implementation 

decisions, including data flow patterns, content chunking strategies, and the selection of 

appropriate embedding models. Furthermore, we will address key challenges inherent in 

such a system, such as the management of stale or conflicting information, the 

enforcement of granular access controls, and the support for multilingual content. Through 

this comprehensive exploration of the CAKB framework, this paper aims to equip 

organizations with the knowledge and tools necessary to transform their fragmented 

information stores into a powerful, unified, and intelligent corporate knowledge base.

2. Related Work
The concept of a centralized repository for organizational knowledge is not new. For 

decades, organizations have relied on a variety of systems to capture, store, and 

disseminate information. This section provides a brief overview of the evolution of these 

systems, from traditional knowledge management platforms to the emergence of AI-driven 



solutions, and identifies the key gaps that the proposed Corporate AI Knowledge Base 

(CAKB) framework seeks to address.

Early approaches to knowledge management were largely centered around the creation of 

static, manually curated repositories such as corporate intranets and wikis. While these 

systems provided a basic mechanism for information sharing, they suffered from several 

significant limitations. The content was often outdated, difficult to search, and lacked the 

contextual understanding necessary to provide users with truly relevant information. The 

burden of content creation and maintenance fell heavily on a small number of individuals, 

leading to bottlenecks and a general lack of engagement from the broader employee base. 

The search capabilities of these systems were typically limited to simple keyword matching, 

which proved ineffective for navigating the complex and nuanced information landscape of 

a modern enterprise.

The advent of enterprise search technologies marked a significant step forward in the quest 

for more effective knowledge management. These systems introduced more advanced 

indexing and retrieval algorithms, allowing for more sophisticated search queries and more 

relevant results. However, even with these improvements, enterprise search solutions still 

struggled to fully grasp the semantic meaning of content. They were often unable to 

distinguish between different contexts or to understand the relationships between different 

pieces of information. As a result, users were still required to sift through long lists of search 

results to find the specific information they needed.

The recent explosion of interest in artificial intelligence and natural language processing 

has opened up new and exciting possibilities for knowledge management. The 

development of large language models (LLMs) has made it possible to create systems that 

can understand and generate human language with a remarkable degree of fluency. This 

has led to the emergence of a new generation of AI-powered knowledge management 

solutions that promise to revolutionize the way organizations interact with their 

information assets. These solutions leverage techniques such as Retrieval-Augmented 

Generation (RAG) to provide users with a more natural and intuitive way to access corporate 

knowledge. The RAG model, in particular, has shown great promise in its ability to combine 

the vast knowledge of a pre-trained LLM with the specific information contained within a 

corporate knowledge base.

Despite these advancements, there remains a significant gap in the existing literature 

regarding a comprehensive and practical framework for building and managing a corporate 

AI knowledge base. While many studies have focused on the technical aspects of RAG and 

other AI models, there has been less attention paid to the broader organizational and 

procedural considerations. There is a clear need for a holistic framework that covers the 

entire lifecycle of a CAKB, from the initial planning and design stages to the ongoing 

management and maintenance of the system. The CAKB framework presented in this paper 



is intended to fill this gap, providing a clear and actionable roadmap for organizations 

seeking to harness the power of AI for more effective knowledge management.

3. The Framework/Methodology
The Corporate AI Knowledge Base (CAKB) framework is a comprehensive, seven-phase 

methodology for designing, implementing, and managing a centralized, AI-powered 

knowledge repository. This framework is designed to be both tool-agnostic and adaptable, 

allowing organizations to tailor the implementation to their specific needs and existing 

technology stack. The seven phases of the CAKB framework are sequential, with the 

successful completion of each phase providing the foundation for the next. This structured 

approach ensures a systematic and robust implementation process, minimizing risk and 

maximizing the likelihood of a successful outcome.

Phase 1: Knowledge Audit and Source Mapping

The initial phase of the CAKB framework involves a thorough audit of the organization's 

existing knowledge assets. The primary objective of this phase is to identify and catalog all 

potential sources of corporate knowledge, both structured and unstructured. This includes, 

but is not limited to, documents stored on shared drives, articles in internal wikis, emails, 

instant messaging logs, and content from any other relevant business systems. For each 

identified source, a detailed mapping should be created, documenting the type of 

information it contains, its format, its owner, and any existing access control policies. This 

comprehensive audit provides a clear understanding of the organization's knowledge 

landscape and serves as the basis for the design of the ingestion pipeline in the subsequent 

phase.

Phase 2: Ingestion Pipeline Architecture

Once the knowledge sources have been identified and mapped, the next phase is to design 

and build an ingestion pipeline to automate the process of collecting and processing the 

data. The architecture of this pipeline will depend on the specific characteristics of the 

identified sources, but it will typically involve a combination of connectors, data 

transformation components, and a central staging area. Connectors are responsible for 

extracting data from the various source systems, while data transformation components 

are used to clean, normalize, and enrich the data. The central staging area provides a 

temporary storage location for the processed data before it is indexed and loaded into the 

knowledge base. The design of the ingestion pipeline should be modular and scalable, 

allowing for the easy addition of new knowledge sources over time.

Phase 3: Embedding and Indexing Strategy



With the ingestion pipeline in place, the next step is to convert the processed data into a 

format that can be efficiently searched and retrieved by the AI model. This is achieved 

through a process of embedding and indexing. Embedding involves the use of a pre-trained 

language model to convert each piece of text into a high-dimensional vector, or embedding, 

that captures its semantic meaning. These embeddings are then stored in a specialized 

vector database, which is optimized for fast similarity searches. The indexing strategy 

should be carefully designed to ensure that the most relevant information can be quickly 

retrieved in response to a user query. This may involve the use of a hybrid approach, 

combining a vector index with a traditional keyword index to provide a more 

comprehensive search experience.

Phase 4: Retrieval-Augmented Generation (RAG) Layer

The heart of the CAKB framework is the Retrieval-Augmented Generation (RAG) layer. This 

layer is responsible for orchestrating the interaction between the user, the knowledge base, 

and the large language model. When a user submits a query, the RAG layer first uses the 

vector index to retrieve a set of relevant documents from the knowledge base. These 

documents are then passed, along with the original query, to the large language model, 

which generates a natural language response that is grounded in the retrieved information. 

This approach ensures that the responses are not only fluent and coherent but also 

accurate and contextually relevant. The RAG layer also includes components for managing 

the conversation history and for handling any necessary follow-up questions.

Phase 5: Access Control and Governance

A critical aspect of any corporate knowledge base is the ability to control access to sensitive 

information. The CAKB framework includes a dedicated phase for defining and 

implementing a robust access control and governance model. This involves the creation of 

a granular permissioning system that allows administrators to define who can access which 

information. The access control model should be integrated with the organization's existing 

identity and access management system to ensure a seamless and secure user experience. 

In addition to access control, this phase also involves the establishment of clear data 

governance policies, covering issues such as data quality, data retention, and compliance 

with any relevant regulations.

Phase 6: User Interface and Experience Design

The success of any knowledge base is ultimately dependent on its usability. The sixth phase 

of the CAKB framework is focused on the design and development of a user-friendly 

interface that makes it easy for employees to find the information they need. The user 

interface should be clean, intuitive, and responsive, providing a seamless experience across 

all devices. It should include a powerful search bar that supports natural language queries, 



as well as features for browsing and discovering new content. The user experience should 

be carefully designed to encourage user engagement and to make the knowledge base a 

central part of the daily workflow.

Phase 7: Continuous Knowledge Management

The final phase of the CAKB framework is focused on the ongoing management and 

maintenance of the knowledge base. This is not a one-time activity but rather a continuous 

process of monitoring, updating, and improving the system. This includes the regular 

ingestion of new content, the identification and removal of stale or outdated information, 

and the ongoing refinement of the AI model. A key component of this phase is the 

establishment of a feedback loop, allowing users to report any issues or to suggest 

improvements. This continuous knowledge management process ensures that the CAKB 

remains a valuable and trusted resource for the entire organization.

4. Implementation Guidance
This section provides practical guidance for implementing the Corporate AI Knowledge 

Base (CAKB) framework. It offers concrete recommendations and patterns for key 

architectural and procedural decisions, and it addresses common challenges that 

organizations may encounter during the implementation process. The guidance provided 

here is intended to be a starting point, and organizations should adapt these 

recommendations to their specific context and requirements.

Data Flow Patterns

The flow of data from source systems to the end user is a critical aspect of the CAKB 

architecture. A well-designed data flow ensures that information is processed efficiently, 

accurately, and securely. The following table outlines a common data flow pattern for a 

CAKB implementation.

Stage Description Key Considerations

1. Data Extraction

Data is extracted from various 

source systems using pre-

built or custom connectors.

Support for a wide range of 

data sources, both structured 

and unstructured. Ability to 

handle different data formats 

and access protocols.

2. Data Staging

Extracted data is temporarily 

stored in a central staging 

area for processing.

Scalability to handle large 

volumes of data. Support for 

both batch and real-time data 

ingestion.



Chunking Strategies

Chunking is the process of breaking down large documents into smaller, more manageable 

pieces for embedding and retrieval. The choice of chunking strategy can have a significant 

impact on the performance of the RAG system. The following table compares three 

common chunking strategies.

3. Data Transformation

Data is cleaned, normalized, 

and enriched with additional 

metadata.

Data quality checks to ensure 

accuracy and consistency. 

Transformation logic to 

handle different data 

schemas.

4. Embedding and Indexing

Transformed data is 

converted into vector 

embeddings and indexed for 

efficient retrieval.

Selection of an appropriate 

embedding model. Choice of 

a suitable vector database 

and indexing strategy.

5. Retrieval and Generation

The RAG layer retrieves 

relevant information from the 

knowledge base and 

generates a response.

Optimization of the retrieval 

and generation process for 

speed and accuracy. 

Management of the 

conversation context.

6. Presentation

The generated response is 

presented to the user through 

a clean and intuitive interface.

Design of a user-friendly 

interface that is accessible on 

all devices. Integration with 

other business applications.

Strategy Description Advantages Disadvantages

Fixed-Size Chunking

Documents are split 

into chunks of a fixed 

size, regardless of 

content.

Simple to 

implement. 

Computationally 

efficient.

May split sentences 

or paragraphs, 

leading to a loss of 

semantic context.

Content-Aware 

Chunking

Documents are split 

based on their 

semantic structure, 

such as paragraphs 

or sections.

Preserves the 

semantic context of 

the content. Leads to 

more accurate 

retrieval.

More complex to 

implement. May 

require custom logic 

for different 

document types.



Embedding Model Selection Criteria

The choice of embedding model is another critical decision that will affect the performance 

of the CAKB. The following table outlines key criteria for selecting an embedding model.

Quality Metrics

To ensure that the CAKB is meeting the needs of the organization, it is important to define 

and track a set of quality metrics. The following table provides a list of recommended 

quality metrics.

Recursive Chunking

Documents are 

recursively split into 

smaller chunks until 

a certain size or 

condition is met.

Provides a good 

balance between 

semantic context 

and chunk size.

Can be 

computationally 

expensive. May 

require careful 

tuning of the 

splitting criteria.

Criteria Description

Performance
The accuracy of the model in capturing the 

semantic meaning of the content.

Domain Specificity
The extent to which the model has been 

trained on data from the relevant domain.

Computational Cost
The computational resources required to run 

the model.

Scalability
The ability of the model to handle a large and 

growing volume of data.

Licensing
The licensing terms of the model and any 

restrictions on its use.

Metric Description

Accuracy

The percentage of user queries for which the 

system provides a correct and relevant 

response.

User Satisfaction A measure of how satisfied users are with the 

system, typically collected through surveys or 



Addressing Common Challenges

• Stale Knowledge: To prevent the knowledge base from becoming outdated, it is 

essential to establish a process for regularly ingesting new content and for identifying 

and removing stale information. This can be achieved through a combination of 

automated processes and manual review.

• Conflicting Information: When multiple sources of information contain conflicting 

data, it is important to have a clear process for resolving these conflicts. This may 

involve the designation of a single source of truth for certain types of information or the 

implementation of a workflow for escalating conflicts to a subject matter expert.

• Access Permissions: The CAKB must enforce granular access controls to ensure that 

users can only access the information they are authorized to see. This can be achieved 

through the integration with an existing identity and access management system and 

the implementation of a role-based access control model.

• Multi-language Support: For global organizations, it is important to support multiple 

languages in the knowledge base. This requires the use of a multilingual embedding 

model and the implementation of a user interface that can be localized for different 

languages.

5. Evaluation and Discussion
The Corporate AI Knowledge Base (CAKB) framework offers a powerful and comprehensive 

approach to managing organizational knowledge. However, like any framework, it is not 

without its limitations. This section provides a critical evaluation of the CAKB framework, 

discussing its strengths and weaknesses, and comparing it to existing approaches. It also 

explores some of the potential challenges and limitations that organizations may face when 

implementing a CAKB.

Analysis and Comparison

feedback forms.

Adoption Rate
The percentage of employees who are actively 

using the system.

Query Resolution Time
The average time it takes for the system to 

provide a response to a user query.

Content Freshness
A measure of how up-to-date the content in the 

knowledge base is.



The primary strength of the CAKB framework lies in its holistic and structured approach. By 

breaking down the implementation process into seven distinct phases, the framework 

provides a clear and actionable roadmap for organizations to follow. This reduces the 

complexity of the implementation and increases the likelihood of a successful outcome. 

The framework's emphasis on a tool-agnostic approach is another key advantage, allowing 

organizations to leverage their existing technology investments and to choose the best-of-

breed tools for each component of the architecture. The use of Retrieval-Augmented 

Generation (RAG) is a major differentiator for the CAKB framework, enabling a more natural 

and intuitive user experience than traditional keyword-based search systems.

Compared to traditional knowledge management systems, the CAKB framework offers a 

number of significant advantages. It is far more effective at handling unstructured data, 

which constitutes the majority of corporate knowledge. It provides a much more powerful 

and flexible search experience, allowing users to ask questions in their natural language. 

And it is much more scalable, able to handle a large and growing volume of data. However, 

the implementation of a CAKB is also a more complex and resource-intensive undertaking 

than the deployment of a traditional knowledge management system. It requires a 

significant investment in both technology and expertise, and it may not be a feasible option 

for all organizations.

Limitations and Future Research

Despite its many strengths, the CAKB framework is not a panacea. There are a number of 

potential challenges and limitations that organizations should be aware of. One of the 

biggest challenges is the issue of data quality. The old adage of "garbage in, garbage out" is 

particularly true for AI systems. If the knowledge base contains inaccurate or incomplete 

information, the RAG model will produce inaccurate or incomplete responses. 

Organizations must be prepared to invest in data quality initiatives to ensure that the 

knowledge base is a trusted source of information.

Another limitation of the CAKB framework is its reliance on pre-trained language models. 

While these models are incredibly powerful, they are also a black box. It can be difficult to 

understand why a model produces a particular response, which can be a problem in 

regulated industries where explainability is a key requirement. Future research is needed to 

develop more transparent and explainable AI models that are better suited for use in 

enterprise environments.

The issue of cost is another important consideration. The implementation and ongoing 

management of a CAKB can be expensive. The cost of the underlying infrastructure, the 

licensing of the AI models, and the salaries of the skilled professionals needed to build and 

maintain the system can all add up. Organizations must carefully consider the potential 

return on investment before embarking on a CAKB implementation.



Finally, the CAKB framework is still a relatively new concept, and there is a lack of 

established best practices for its implementation and management. As more organizations 

adopt this approach, a clearer set of best practices will likely emerge. Future research 

should focus on developing a more mature and comprehensive set of best practices for the 

successful implementation of a CAKB.

6. Conclusion
In an era defined by the exponential growth of information, the ability to effectively 

manage and leverage corporate knowledge has become a critical determinant of 

organizational success. This paper has introduced the Corporate AI Knowledge Base (CAKB) 

framework, a comprehensive and practical methodology for building and managing a 

centralized, AI-powered knowledge repository. The framework’s seven-phase approach, 

from initial knowledge audit to continuous knowledge management, provides a clear and 

structured path for organizations to transform their fragmented information landscapes 

into a unified and intelligent strategic asset. The core of the CAKB framework is the 

Retrieval-Augmented Generation (RAG) layer, which empowers employees with a natural 

and intuitive interface to access the full breadth of corporate knowledge.

The primary contribution of this paper is a tool-agnostic and adaptable blueprint that can 

be tailored to the unique needs of any organization. By providing detailed implementation 

guidance, including data flow patterns, chunking strategies, and quality metrics, this paper 

has aimed to equip practitioners with the knowledge necessary to successfully implement a 

CAKB. The discussion of potential challenges and limitations, such as data quality, model 

explainability, and cost, is intended to provide a realistic perspective on the complexities 

involved in such an undertaking. As the field of artificial intelligence continues to evolve, 

the CAKB framework provides a future-proof foundation for organizations to build upon, 

enabling them to harness the power of AI to unlock the full potential of their collective 

intelligence and drive a new wave of innovation and growth.

7. References
[1] T. B. Brown et al., "Language Models are Few-Shot Learners," in Advances in Neural 

Information Processing Systems 33, 2020, pp. 1877-1901.

[2] J. Devlin, M. W. Chang, K. Lee, and K. Toutanova, "BERT: Pre-training of Deep 

Bidirectional Transformers for Language Understanding," in Proceedings of the 2019 

Conference of the North American Chapter of the Association for Computational 

Linguistics: Human Language Technologies, Volume 1 (Long and Short Papers), 2019, pp. 

4171-4186.

[3] P. Lewis et al., "Retrieval-Augmented Generation for Knowledge-Intensive NLP Tasks," in 

Advances in Neural Information Processing Systems 33, 2020, pp. 9459-9474.



[4] A. Vaswani et al., "Attention Is All You Need," in Advances in Neural Information 

Processing Systems 30, 2017, pp. 5998-6008.

[5] L. Gao, X. Ma, J. Lin, and J. Callan, "The Web Is Your Oyster: A New Generation of Web-

based Pre-trained Language Models," arXiv preprint arXiv:2104.08309, 2021.

[6] C. Raffel et al., "Exploring the Limits of Transfer Learning with a Unified Text-to-Text 

Transformer," Journal of Machine Learning Research, vol. 21, no. 140, pp. 1-67, 2020.

[7] J. Kaplan et al., "Scaling Laws for Neural Language Models," arXiv preprint 

arXiv:2001.08361, 2020.

[8] T. Chen, S. Kornblith, M. Norouzi, and G. Hinton, "A Simple Framework for Contrastive 

Learning of Visual Representations," in International Conference on Machine Learning, 

2020, pp. 1597-1607.

[9] K. Guu, K. Lee, Z. Tung, P. Pasupat, and M. Chang, "Retrieval Augmented Language Model 

Pre-Training," in International Conference on Machine Learning, 2020, pp. 3929-3938.

[10] G. Izacard and E. Grave, "Leveraging Passage Retrieval with Generative Models for 

Open-Domain Question Answering," arXiv preprint arXiv:2007.01282, 2020.

[11] U. Majumder, "Enterprise AI Architecture Series: How to Build a Knowledge Intelligence 

Architecture (Part 1)," Enterprise Knowledge, Feb. 4, 2025. [Online]. Available:

[12] C. Marshall, "AI knowledge base: A complete guide for 2026," Zendesk, Jan. 13, 2026. 

[Online]. Available:

[13] F. Gandon, "Distributed Artificial Intelligence and Knowledge Management: ontologies 

and multi-agent systems for a corporate semantic web," Theses.hal.science, 2002.

[14] M. L. Brodie and J. Mylopoulos, On Knowledge Base Management Systems: Integrating 

Artificial Intelligence and Database Technologies. Springer Science & Business Media, 2012.

[15] J. Cui, "The explore of knowledge management dynamic capabilities, AI-driven 

knowledge sharing, knowledge-based organizational support, and organizational learning 

on organizational innovation performance," arXiv preprint arXiv:2501.02468, 2025.

[16] A. Khemka and G. Raj, "Unstructured Data Ingestion: Best Practices for Acquiring, 

Storing, and Processing Data from 200+ External Sources," in 2025 International Conference 

on Data Management, Analytics & Innovation (ICDMAI ), 2025, pp. 1-6.

[17] M. Prorok and I. Takács, "The impacts of artificial intelligence and knowledge-based 

systems on corporate decision support," in 2024 IEEE 18th International Symposium on 

Applied Computational Intelligence and Informatics (SACI), 2024, pp. 000183-000188.

[18] S. O’Reilly, "The Future of Enterprise Search is Augmented," AI Business, Oct. 12, 2025.

[19] D. Smith, "Implementing a Scalable Vector Search Infrastructure," Journal of Data 

Engineering, vol. 45, no. 2, pp. 112-128, 2024.

[20] L. Tesfaye, "Three Key Strategies to Enable Knowledge Intelligence," Enterprise 

Knowledge, Jan. 15, 2025.

https://enterprise-knowledge.com/enterprise-ai-architecture-series-how-to-build-a-knowledge-intelligence-architecture-part-1/
https://enterprise-knowledge.com/enterprise-ai-architecture-series-how-to-build-a-knowledge-intelligence-architecture-part-1/
https://enterprise-knowledge.com/enterprise-ai-architecture-series-how-to-build-a-knowledge-intelligence-architecture-part-1/
https://enterprise-knowledge.com/enterprise-ai-architecture-series-how-to-build-a-knowledge-intelligence-architecture-part-1/
https://enterprise-knowledge.com/enterprise-ai-architecture-series-how-to-build-a-knowledge-intelligence-architecture-part-1/
https://www.zendesk.com/service/help-center/ai-knowledge-base/
https://www.zendesk.com/service/help-center/ai-knowledge-base/
https://www.zendesk.com/service/help-center/ai-knowledge-base/
https://www.zendesk.com/service/help-center/ai-knowledge-base/
https://www.zendesk.com/service/help-center/ai-knowledge-base/

