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ABSTRACT

Single-molecule localization microscopy methods extensively leverage the microscope point spread function (PSF) for fitting the
molecules. Calibrating an accurate PSF model is especially difficult in the presence of depth-dependent aberrations which alter
the PSF shape depending on the imaging depth. The aberrations at depths of a few micrometers become substantial enough
to considerably impoverish the conventional calibration methods’ performance. In our work, we propose a novel spline model
which enables the depth-dependent PSF model calibration by interpolating between the beads at arbitrary depths. We show
that diffspline reduces the PSF intensity overestimation by 67.8 percentage points and underestimation by 21.8 percentage
points. Moreover, it eliminates the depth-dependent bias and improves the localization precision two-fold compared to previous
approaches.

Introduction

Recent years have seen the emergence of single-molecule localization microscopy (SMLM)!~3 as a powerful tool for resolving
three-dimensional (3D) biological structures*° beyond the diffraction limit. This technique relies on the sparse excitation
of photoswitchable fluorophores to create isolated molecule images. The images contain molecule shapes blurred with the
microscope emission pattern, or the point spread function (PSF), which can be experimentally designed and modelled to
encode additional positional information in its shape>”-®. The molecule positions are determined through maximum likelihood
estimation (MLE)? or maximum a posteriori (MAP) estimation' of the position parameters within the point spread function
(PSF) model. Therefore, creating a flexible PSF model that accurately represents the true experimental PSF is crucial for the
ultimate localization accuracy and precision'!.

To accurately model the PSF, piece-wise polynomials called spline functions'? were employed. Specifically, cubic splines
(csplines)13 have been shown to enable the estimation precision that achieves the Cramer-Rao lower bound (CRLB)*15 the
theoretical bound on the highest possible localization precision of unbiased estimators. By deriving the PSF model directly
from the experimental data, splines provide an accurate PSF representation for varying PSF shapes'®.

Spline models are conventionally calibrated on image frames obtained by scanning through the bead sample along the
Z-axis. The resulting Z-stack of images contains fluorescent beads located on the coverslip. However, when imaging deeper
into the sample, depth-induced spherical aberrations emerge and become exacerbated in the presence of the refractive index
mismatch between the objective lens immersion oil and sample medium!”. These aberrations lead to considerable errors in PSF
shapes, even for depths of only a few micrometers!”.

Several methods have been proposed for addressing the challenges posed by depth-induced aberrations. Active aberration
correction methods'®1° aim to estimate the aberrations directly from the wavefront, but these methods require complex adaptive
optics hardware and are difficult to operate for non-experts. Other approaches use phase-retrieved PSF methods?*->* to construct
a pupil function that describes the magnitude and the phase of the emission light wavefront. However, such methods require
specific imaging system parameters (e.g., refractive indices and emission wavelengths) to build the pupil function, and thus are
susceptible to parameter deviations in the form of noise or optical imperfections.

In turn, a cspline-based approach® was devised to correct depth-induced aberrations without any requirements for optical
parameters or hardware. It estimates the cspline bias for every depth and subtracts the bias from the localization estimates.
However, since the correction is only applied to the final estimates directly, the PSF model remains incorrect. This means that
the localization precision is unaffected by the correction. Therefore, depth information must be incorporated into the spline PSF
model for localization to be accurate and precise.

An alternative strategy is to extend the cspline model from three-dimensional (3D) to four-dimensional (4D) by interpolating
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between the point spread functions (PSFs) at various depths. However, this approach is computationally expensive, as the
number of coefficients for which the spline has to be calibrated increases exponentially with the spline dimensionality. This
issue was alleviated with the multivariate B-spline?® which employs basis functions to obtain the interpolation, thus reducing
the coefficient complexity to depend only on the number of voxels present in the PSF image. However, applying B-splines to
depth-dependent PSF calibration is challenging, since B-splines assume uniformly spaced calibration points in all dimensions,
while the actual bead depths in the calibration Z-stack are not uniformly spread.

To this end, we propose a depth-dependent spline PSF model formulated as a non-uniform Catmull-Rom spline. Similar
to the B-spline, the Catmull-Rom spline?’ reduces the coefficient complexity as it builds a spline function based on pixel
values. Furthermore, Barry and Goldman®® proposed a recursive algorithm that allowed the Catmull-Rom spline to be built on
arbitrarily spaced points. By applying Barry and Goldman’s definition of the Catmull-Rom spline, we were able to build a
spline PSF model capable of interpolating between beads at non-equidistant depths.

The resulting non-uniform Catmull-Rom spline, which we name Depth-Interpolating Fitting Function spline (diffspline), is
evaluated against the cspline approach on simulated beads at various depths. We compared the diffspline with the cspline in
terms of the PSF shapes and localization errors (bias, precision, and CRLB). We demonstrated that the diffspline PSF produces
a more accurate PSF shape, with the intensity overestimation reduced by 67.8 percent points and with the underestimation
reduced by 21.8 percent points. The effectiveness of the diffspline for deep sample localization was demonstrated by achieving
an approximately two-fold improvement in localization precision compared to the coverslip-calibrated cspline. Moreover, the
precision of our model closely followed its CRLB, suggesting that the diffspline delivers the correct CRLB for the evaluated
depth.

(@) Beads PSF intensity profile (b) PSF on Cspline
coverslip interpolation
@ z H\ fH == cspline
: : yat
5 - :
IR | E S
LY
X X X X X
(©) (@ 5 spins
Depth 1 Depth 2 Depth 3 Depth 4 fitted z «== ground truth ‘,’
X X X X
4D spline interpolation
> 4D spline
= .
AR i
ES L LS LS n S I ‘
T ox - X X X d
true z

Figure 1. Schematic overview of this study. (a) Depending on the depth of the imaged beads, their 3D PSFs change. On the
right side, the PSF shapes are illustrated as intensity profiles in ZX with a fixed cutoff for schematic purposes. (b) 3D cspline
approach creates a smooth PSF model by interpolating between the given intensity values. The 3D cspline model is calibrated
on the bead data from the coverslip. (c) 4D spline can also interpolate between the bead data from different arbitrary depths.
This way, we can obtain 3D PSF models from the depths that are not present in the data. (d) Depth-dependent 4D spline
interpolation produces more accurate PSF models, and thus results in more accurate z-localizations.
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Simulated pipeline

Our approach was verified on simulated data. We devised the following pipeline to generate PSF Z-stacks for any given depth.

(a) (b) (c)

3D bead z Movement 2 PSF view PSFs with X&Y shifts
I sample in X I
A
° U

t Bead planes Movement I PSF view

| [
yrif el y @M d
' " BEB Aligned Averaged
x X y PSFs PSFs

Figure 2. Overview of the processing pipeline that we simulate in our work. (a) The simulated sample contains beads at
multiple depths. The sample stage movement along the X and Y axis is included in the simulation. (b) The simulated bead
sample is moved in both X and Y planes and scanned at various positions. In this manner, we can acquire different realizations
of the same bead across the field of view. (c) The obtained realizations are aligned and averaged into one PSF.

First, we simulate a 3D bead sample by generating PSF Z-stacks at the given depths using a vectorial model?’. The bead
PSFs at different depths are simulated by adding first- and second-order spherical aberrations, as proposed by Booth et al.!”.
Each Z-stack contains one bead, which is assigned a random intensity between 5000 and 15000 photons, and a constant
background of 50 photons/pixel. Moreover, we simulate the shot noise in the Z-stack with a Poisson distribution®. To improve
the PSF calibration fidelity from the noisy Z-stacks, we obtain several realizations of the same bead. As depicted in Figure 2 (a,
b), we achieve this by changing the field of view (FOV) of the images by moving the bead sample along the X and Y axes. This
effect is simulated by adding a random position phase in the pupil phase function of the vectorial model. In our simulations, we
use the emission wavelength A = 680 nm, an astigmatic PSF with vertical astigmatism Z% = 147mA, the refractive index for
the sample medium is 1.33 and for the immersion oil is 1.52. The simulated voxel size is 100 nm in X and Y axes, and the
Z-range spans from —500 nm to 500 nm with 10 nm step.

Subsequently, we apply the alignment and processing methods proposed by Li et al.!3. First, all PSFs are gathered and
aligned around a reference bead'*. Next, the PSFs are divided into groups containing realizations of the same bead. Then, for
each group, we apply the processing by Li et al.!3 wherein we average the bead PSFs, eliminate the background by Z-stack
minimum subtraction, normalize the PSF amplitude by the cumulative intensity of the central axial slice, and smooth the PSF
shape in Z-direction with a smoothing B-spline. As an outcome of the processing, which is depicted in Figure 2 (c), we obtain a
processed PSF Z-stack for each simulated bead. This Z-stack is the output of the simulation pipeline.

Spline calibration

We calibrate spline models on the processed PSF Z-stacks. The cspline is calibrated on the simulated PSF Z-stack on the
coverslip (0 nm depth)'3.

For the diffspline calibration, we first generate simulated beads at depths d;, which are specified separately for each
experiment. To calibrate the diffspline at a specific depth d,,,;, we interpolate between four consecutive PSFs with depths d;
closest to d,yq, i.e. we find i s.t. d;: di—; < d;j <dpyu < dit1 < dit2). The interpolation is performed with the non-uniform
Catmull-Rom spline, as described in Supplementary Note S1. We further discuss the effects of the Poisson noise on the spline
calibration in Supplementary Note S1. Thus, we obtain an interpolated 3D PSF model for the required depth. Since csplines
have an established localization methodology'®, we convert the interpolated 3D Catmull-Rom spline into a cspline form for
a direct comparison between the two spline types. The conversion is performed by computing the spline coefficients with
Catmull-Rom and saving them in a cspline model.

Then, we evaluate the converted model by using it to localize on the simulated data. To do so, we first use the vectorial model
to generate PSFs at the image center in XY for a given depth with an intensity of 10000 photons and a constant background of
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50 photons/pixel. Next, we create 100 realizations of each Z-position by applying the shot noise to the PSF. Following that, we
obtain the maximum likelihood estimates of the emitter Z-positions from the generated frames with the Levenberg-Marquardt
algorithm> using the damping factor = 10 and 100 iterations. Finally, we calculate the localization bias and precision from the
estimates given the known ground truth. The bias is calculated as the mean absolute error, and the precision is calculated as the
standard deviation of the estimates over 100 frames. For the PSF shape evaluation, we employ the pixel-wise relative difference
between the target PSF and the ground truth PSF, which is the normalized version of the pixel-wise difference used by Babcock
et al.! Tt is calculated as the difference between the target and ground truth, then divided by the ground truth pixel values.
This metric, multiplied by 100, describes the percentage of deviation from the ground-truth reference.

Results

Several experiments were conducted to quantify the diffspline performance. First, we compared it with the cspline approach
by evaluating the splines on the beads that were present in the z-stack (“on-bead evaluation™). This tested the capabilities of
the splines as PSF models without interpolation effects. We evaluated the spline PSF shapes and localization metrics, such as
bias and precision. Furthermore, we tested the interpolation capabilities of the diffspline model. We calculated the diffspline
localization bias and precision for depths between uniformly and nonuniformly spaced beads. Moreover, we investigated the
influence of the distance between beads on the resulting localization errors.

On-bead evaluation

First, we compared the cspline approach with our method by evaluating them on PSFs at 6000 nm depth. The simulation
pipeline was leveraged to generate PSFs at 0 nm depth (coverslip), which was used for the cspline model calibration, and
5900, 6000,6100,6200 nm, which were used for the diffspline calibration. Both models were evaluated at depth d = 6000 nm.

Cspline Diffspline Cspli i i
. spline vs. GT  Diffspline vs. GT
GTat6000nm  on coverslip at 6000 nm P P
c 250
o
o £ 100
S 3 225
X
I
N
—— 500 nm —— 500 nm —— 500 nm 200 75
175 50
E o
o & n W 150
I 25
N
— 500 NM = 500 nm — 500 NM 125 — 500 nm — 500 Nm 0
100
E . -25
o % =
o | |
N 75 .
N -50
— 500 nm — 500 Nm — 500 NMm — 500 NM — 500 NM
Y axis Y axis Y axis intensity, Y axis Y axis relative

photons difference, %

Figure 3. PSF visualization - comparing cspline and diffspline PSFs to the simulated ground truth (GT) at the 6000 nm depth
for the bead intensity = 10000 photons and the background of 50 photons/pixel. The first three columns show the PSF intensity
in X and Y, and the last two columns show the respective pixel-wise difference from the ground truth in percentages. Since the
cspline is calibrated on the coverslip, it fails to capture the depth-dependent aberrations at larger depths and therefore
considerable shape differences with the simulated ground truth occur.
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Figure 4. Diffspline localization performance quantification. (a, b) We compare the coverslip-calibrated cspline and diffspline
approaches at 6000 nm depth by measuring their localization biases (average absolute errors) and precisions (standard
deviations of errors) with CRLBs (theoretical lower bound of the standard deviations). (c) Estimations produced by the cspline
model calibrated on the coverslip. (d) Estimations by the diffspline calibrated on the simulated deep bead sample. (e) Diffspline
and cspline precisions were compared over varying intensities at different depths. (f) Diffspline localization error distributions
are plotted for different distances between the calibration beads at 1000 nm and 4000 nm depths. (g, h) Evaluating the
diffspline interpolation between the uniformly (g) and non-uniformly (h) distributed beads against the cspline approach.
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Figure 3 shows that the 4D diffspline was able to capture the PSF shape more accurately than the cspline, which had
significant shape deformations when compared to the ground truth (GT). The largest negative relative difference, or under-
estimation, in the pixel-wise relative intensity difference between the cspline and the GT being —63.5% at Z = —500, and
the largest positive difference, or overestimation, is 76.3% at Z = 500 (see Supplementary Note S1). In contrast, the largest
under- and overestimation for the diffspline were —41.7% at Z = 500 and 8.5% at Z = —500. Therefore, we observed that the
largest intensity overestimation was reduced by 67.8 percent points, whereas the largest underestimations were reduced by 21.8
percent points. Moreover, as can be observed in Figure 3, the diffspline underestimations followed the general PSF shape, and
thus could be attributed to an insufficient shape amplitude rather than an incorrect lateral shape profile.

For the estimation results, the coverslip-calibrated cspline at the depth of 6000 nm displayed a large bias, as can be observed
in Figure 4(a). Although aberration-correction>> can be employed to correct the depth-induced bias in the cspline approach,
the precision remains unaddressed, which results in highly imprecise localizations, as shown in Figure 4(b). In contrast, the
diffspline approach displays a consistently low bias of approximately 10 nm on average. Moreover, Figure 4(b) demonstrates
that the diffspline precision remains consistently low at approximately 12 nm on average, while it stays close to the CRLB with
the difference not exceeding 4 nm.

Furthermore, we demonstrate the precision advantages of our method by comparing cspline and diffspline precisions. We
evaluated the cspline and diffspline models on frames with bead intensities varying from 1000 to 5000 photons with a constant
background of 50 photons/pixel. The evaluation was performed by calculating the precision averaged over the Z-range. Figure
4(e) shows that the diffspline displays lower precision for all depths and intensities than the cspline. The diffspline precision is
lower by 60 nm on average when evaluated at a 6000 nm depth with a 1000 photon intensity and by approximately 45 nm on
average with 5000 photon intensity. This precision difference is lower when evaluated on the coverslip, where the difference
of 10 nm at 1000 photon intensity is almost eliminated with an increase in intensity to 5000 photons. The lack of a similar
decrease for the 6000 nm depth suggests that the model mismatch between the real PSF and the cspline prevents the latter from
localizing more precisely.

To provide a more detailed look into the distribution of localization estimates over depth, we evaluated cspline and diffspline
models at every depth from O to 6000 nm with a 100 nm step. For every depth, we estimated Z-positions for Z-range from
—500 to 500 nm with a 10 nm step for 100 simulated frames, and averaged the predictions over the frames. The resulting
Z-position estimates were plotted against the ground truth depths, as depicted in Figures 4(c, d). Each color represents a
separate evaluation depth, e.g. the rightmost green line represents the estimates for the evaluation at a 6000 nm depth, thus
showing the estimates from which the bias and precision in Figures 4 (a, b) were calculated. We can observe that the cspline
estimates tend to collapse to the Z = 0 or Z = —500 regions at larger depths, which results in the bias increase outside those
regions, whereas the diffspline estimations remain unaltered throughout all depths.

Interpolation evaluation

Next, we evaluated the effects of the distance between calibration beads on the resulting diffspline localization performance.
For each “reference" depth p € {1000,4000} nm and for each bead distance é € {100,300,500,700, 1000} nm, we generated
PSFs at depths p — 6, p, p + 0, p +2 - 8, thus obtaining the four required calibration PSFs. The evaluation was performed at
10 evaluation depths uniformly spaced between p and p + 8. For each evaluation depth, the errors between the Z-estimates and
the ground truth were calculated. The errors were combined and depicted in the boxplot shown in Figure 4(f). We observed an
increase in the mean error by 5 nm with an increase in the bead distance from 100 to 1000 nm, as well as a slight increase in the
standard deviation by 4 nm.

Finally, we compared the localization bias of the cspline and diffspline calibrated on uniformly and nonuniformly spaced
beads. For the uniform case, we generated calibration PSFs at depths 4000, 5000, 6000, 7000, 8000 nm, and for the non-uniform
case - at depths 4500, 5600, 6366, 7277, 7877, 8400 nm. We then evaluated both splines in the depth range from the second to
penultimate depth of the respective calibration PSFs. We chose five equidistant interpolation points between each consecutive
pair of depths and evaluated the splines at these depths. Figures 4(g, h) show that the diffspline PSF shows a consistently low
bias of approximately 12 nm and a precision of around 11 nm on average in both the uniform and non-uniform cases. The
cspline estimation bias and precision both rise with an increase in the estimation depth, with the bias ranging from 150 to 250
nm and the precision rising from 15 to 100 nm.

Conclusion

In our work, we propose the diffspline model that enables PSF calibration from bead data at nonuniformly spaced depths. The
model reduced the intensity overestimation by up to 67.8 percent points and the underestimation by up to 21.8 percent points at
larger depths. This, in turn, led to a consistently low bias of 12 nm for the diffspline, and its precision closely followed the
CRLB, with the differences not exceeding 4 nm across the entire Z-range.
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The diffspline-interpolated models were shown to produce estimation results on par with the on-bead evaluation, thus

enabling accurate and precise PSF calibration at arbitrary depths between those present in the bead stack. We also showed that
an increase in the distance between the calibration beads influences the diffspline localization errors. The increase in the bead
distance from 100 to 1000 nm induces an estimation bias of approximately 5 nm owing to interpolation errors.

Moreover, our approach reduced the computational complexity of the spline calibration from 0(49V) to O(V) as we

demonstrated in Supplementary Note S1, which suggests potential applicability for higher-dimensional splines. However, one
of the limitations of our current approach is the reduction in the continuity requirement from C? in cspline to C' in diffspline.
Future research could be directed at including the second-order continuity into the Catmull-Rom spline by expanding the spline
order to 5. This way, a quintic Catmull-Rom spline would include extra smoothness requirements in its definition and thus have
extended interpolation capacity which could alleviate the interpolation-induced errors.

References

1.

10.

11.

12.

13.

14.
15.

16.

17.

Betzig, E. ef al. Imaging intracellular fluorescent proteins at nanometer resolution. Science 313, 1642-1645, DOI:
10.1126/science. 1127344 (2006). https://www.science.org/doi/pdf/10.1126/science.1127344.

. Rust, M., Bates, M. & Zhuang, X. Sub-diffraction-limit imaging by stochastic optical reconstruction microscopy (storm).

Nat. methods 3, 793-5, DOIL: 10.1038/nmeth929 (2006).

. Huang, B., Bates, M. & Zhuang, X. Super-resolution fluorescence microscopy. Annu. Rev. Biochem. 78, 993-1016,

DOI: 10.1146/annurev.biochem.77.061906.092014 (2009). PMID: 19489737, https://doi.org/10.1146/annurev.biochem.77.
061906.092014.

. von Diezmann, L., Shechtman, Y. & Moerner, W. E. Three-dimensional localization of single molecules for super-resolution

imaging and single-particle tracking. Chem. Rev. 117, 7244-7275, DOI: 10.1021/acs.chemrev.6b00629 (2017). PMID:
28151646, https://doi.org/10.1021/acs.chemrev.6b00629.

. Pavani, S. R. P. et al. Three-dimensional, single-molecule fluorescence imaging beyond the diffraction limit by using

a double-helix point spread function. Proc. Natl. Acad. Sci. 106, 2995-2999, DOI: 10.1073/pnas.0900245106 (2009).
https://www.pnas.org/doi/pdf/10.1073/pnas.0900245106.

. Huang, F. et al. Ultra-high resolution 3d imaging of whole cells. Cell 166, 1028—1040, DOI: https://doi.org/10.1016/j.cell.

2016.06.016 (2016).

. Huang, B., Wang, W., Bates, M. & Zhuang, X. Three-dimensional super-resolution imaging by stochastic optical

reconstruction microscopy. Science 319, 810-813, DOI: 10.1126/science.1153529 (2008). https://www.science.org/doi/
pdf/10.1126/science.1153529.

. Shechtman, Y., Sahl, S. J., Backer, A. S. & Moerner, W. E. Optimal point spread function design for 3d imaging. Phys.

Rev. Lett. 113, 133902, DOI: 10.1103/PhysRevLett.113.133902 (2014).

. Smith, C., Joseph, N., Rieger, B. & Lidke, K. Fast, single-molecule localization that achieves theoretically minimum

uncertainty. Nat. methods 7, 373-5, DOI: 10.1038/nmeth.1449 (2010).

Kalisvaart, D. et al. Precision in iterative modulation enhanced single-molecule localization microscopy. Biophys. J. 121,
2279-2289, DOI: 10.1016/j.bpj.2022.05.027 (2022).

van Dijk, R., Kalisvaart, D., Cnossen, J. & Smith, C. S. Bayesian posterior density estimation reveals degeneracy in
three-dimensional multiple emitter localization. Sci. Reports 13, DOI: 10.1038/s41598-023-49101-5 (2023).

Holden, S. J., Uphoff, S. & Kapanidis, A. N. Daostorm: An algorithm for high- density super-resolution microscopy. Nat.
Methods 8, 279-280, DOI: 10.1038/nmeth0411-279 (2011).

Li, Y. et al. Real-time 3d single-molecule localization using experimental point spread functions. Nat. Methods 185,
367-369, DOI: 10.1038/nmeth.4661 (2018).

Kay, S. M. Fundamentals of statistical signal processing: estimation theory (Prentice-Hall, Inc., 1993).

Ober, R., Ram, S. & Ward, E. Localization accuracy in single-molecule microscopy. Biophys. journal 86, 1185-200, DOI:
10.1016/S0006-3495(04)74193-4 (2004).

Babcock, H. P. & Zhuang, X. Analyzing single molecule localization microscopy data using cubic splines. Sci. Reports 7,
552, DOI: 10.1038/s41598-017-00622-w (2017).

Booth, M., Neil, M. & Wilson, T. Aberration correction for confocal imaging in refractive-index-mismatched media. J.
Microsc. 192, 90-98, DOI: https://doi.org/10.1111/j.1365-2818.1998.99999.x (1998). https://onlinelibrary.wiley.com/doi/
pdf/10.1111/5.1365-2818.1998.99999 x.

7/8


10.1126/science.1127344
https://www.science.org/doi/pdf/10.1126/science.1127344
10.1038/nmeth929
10.1146/annurev.biochem.77.061906.092014
https://doi.org/10.1146/annurev.biochem.77.061906.092014
https://doi.org/10.1146/annurev.biochem.77.061906.092014
https://doi.org/10.1146/annurev.biochem.77.061906.092014
10.1021/acs.chemrev.6b00629
https://doi.org/10.1021/acs.chemrev.6b00629
10.1073/pnas.0900245106
https://www.pnas.org/doi/pdf/10.1073/pnas.0900245106
https://doi.org/10.1016/j.cell.2016.06.016
https://doi.org/10.1016/j.cell.2016.06.016
https://doi.org/10.1016/j.cell.2016.06.016
10.1126/science.1153529
https://www.science.org/doi/pdf/10.1126/science.1153529
https://www.science.org/doi/pdf/10.1126/science.1153529
https://www.science.org/doi/pdf/10.1126/science.1153529
10.1103/PhysRevLett.113.133902
10.1038/nmeth.1449
10.1016/j.bpj.2022.05.027
10.1038/s41598-023-49101-5
10.1038/nmeth0411-279
10.1038/nmeth.4661
10.1016/S0006-3495(04)74193-4
10.1038/s41598-017-00622-w
https://doi.org/10.1111/j.1365-2818.1998.99999.x
https://onlinelibrary.wiley.com/doi/pdf/10.1111/j.1365-2818.1998.99999.x
https://onlinelibrary.wiley.com/doi/pdf/10.1111/j.1365-2818.1998.99999.x
https://onlinelibrary.wiley.com/doi/pdf/10.1111/j.1365-2818.1998.99999.x
https://doi.org/10.1101/2024.01.24.577007
http://creativecommons.org/licenses/by/4.0/

200

201

202

203

204

205

206

207

208

209

210

211

212

213

214

215

216

217

218

219

220

221

222

223

224

225

226

227

228

229

230

231

232

233

234

235

237

238

239

240

241

242

243

244

245

246

bioRxiv preprint doi: https://doi.org/10.1101/2024.01.24.577007; this version posted January 29, 2024. The copyright holder for this preprint
(which was not certified by peer review) is the author/funder, who has granted bioRxiv a license to display the preprint in perpetuity. It is made
available under aCC-BY 4.0 International license.

18. Burke, D., Patton, B., Huang, F., Bewersdorf, J. & Booth, M. J. Adaptive optics correction of specimen-induced aberrations
in single-molecule switching microscopy. Optica 2, 177-185, DOI: 10.1364/OPTICA.2.000177 (2015).

19. Mlodzianoski, M. et al. Active psf shaping and adaptive optics enable volumetric localization microscopy through brain
sections. Nat. Methods 15, DOI: 10.1038/s41592-018-0053-8 (2018).

20. Hanser, B. M., Gustafsson, M. G. L., Agard, D. A. & Sedat, J. W. Phase-retrieved pupil functions in wide-field
fluorescence microscopy. J. Microsc. 216, 32—-48, DOI: https://doi.org/10.1111/j.0022-2720.2004.01393.x (2004). https:
/lonlinelibrary.wiley.com/doi/pdf/10.1111/j.0022-2720.2004.01393.x.

21. McGorty, R., Schnitzbauer, J., Zhang, W. & Huang, B. Correction of depth-dependent aberrations in 3d single-molecule
localization and super-resolution microscopy. Opt. Lett. 39, 275-278, DOI: 10.1364/0L.39.000275 (2014).

22. Liu, S., Kromann, E. B., Krueger, W. D., Bewersdorf, J. & Lidke, K. A. Three dimensional single molecule localization
using a phase retrieved pupil function. Opt. Express 21, 29462-29487, DOI: 10.1364/0E.21.029462 (2013).

23. Aristov, A., Lelandais, B., Rensen, E. & Zimmer, C. Zola-3d allows flexible 3d localization microscopy over an adjustable
axial range. Nat. Commun. 9, DOIL: 10.1038/s41467-018-04709-4 (2018).

24. Xu, F. et al. Three-dimensional nanoscopy of whole cells and tissues with in situ point spread function retrieval. Nat.
Methods 17, 531-540, DOI: 10.1038/s41592-020-0816-x (2020).

25. Li, Y., Wu, Y.-L., Hoess, P., Mund, M. & Ries, J. Depth-dependent psf calibration and aberration correction for 3d
single-molecule localization. Biomed. Opt. Express 10, 2708-2718, DOI: 10.1364/BOE.10.002708 (2019).

26. Li, M. et al. Fast and universal single molecule localization using multi-dimensional point spread functions. bioRxiv DOI:
10.1101/2023.10.17.562517 (2023). https://www.biorxiv.org/content/early/2023/10/20/2023.10.17.562517 .full.pdf.

27. Catmull, E. & Rom, R. A class of local interpolating splines. In BARNHILL, R. E. & RIESENFELD, R. F. (eds.) Computer
Aided Geometric Design, 317-326, DOI: https://doi.org/10.1016/B978-0-12-079050-0.50020-5 (Academic Press, 1974).

28. Barry, P. J. & Goldman, R. N. A recursive evaluation algorithm for a class of catmull-rom splines. SIGGRAPH Comput.
Graph. 22, 199-204, DOI: 10.1145/378456.378511 (1988).

29. Siemons, M., Hulleman, C. N., Thorsen, R. @., Smith, C. S. & Stallinga, S. High precision wavefront control in point
spread function engineering for single emitter localization. Opt. Express 26, 8397-8416, DOI: 10.1364/0OE.26.008397
(2018).

30. Marquardt, D. W. An algorithm for least-squares estimation of nonlinear parameters. J. Soc. for Ind. Appl. Math. 11,
431-441 (1963).

31. Lay, D., Lay, S. & McDonald, J. Linear Algebra and Its Applications (Pearson Education, 2015).

32. Verhaegen, M. & Verdult, V. Filtering and System Identification: A Least Squares Approach (Cambridge University Press,
2007).

33. Korovin, S. et al. Data underlying the publication: Using splines for point spread function calibration at non-uniform
depths in localization microscopy, DOI: 10.4121/5f75fadc-8f80-4e27-a049-1137031b19c0 (2024).

34. Korovin, S. et al. Software underlying the publication: Using splines for point spread function calibration at non-uniform
depths in localization microscopy (2024).

Author contributions statement

S. K. wrote the code, conducted experiments, and wrote the manuscript. D.K. and S.H. provided feedback on the results and
writing. J.C. conducted the derivations and developed the code for the 3D Catmull-Rom spline model. C.V. provided feedback
on the writing. C.S.S. supervised the project.

Additional information

Acknowledgements S.K., D.K., S.H., J.C., and C.S.S. were supported by the Netherlands Organisation for Scientific
Research (NWO), under NWO START-UP project no. 740.018.015.

Competing interests The authors declare no competing interests.

31,32

Supporting citations References appear in the supporting information.

Data and code availability The data that support the findings of this study are openly available in 4TU.ResearchData*? at
doi.org/10.4121/5f75fadc-8f80-4e27-a049-1137031b19c0. The code that supports the findings of this study is openly available
on GitHub?* at https://github.com/qnano/diffspline.

8/8


10.1364/OPTICA.2.000177
10.1038/s41592-018-0053-8
https://doi.org/10.1111/j.0022-2720.2004.01393.x
https://onlinelibrary.wiley.com/doi/pdf/10.1111/j.0022-2720.2004.01393.x
https://onlinelibrary.wiley.com/doi/pdf/10.1111/j.0022-2720.2004.01393.x
https://onlinelibrary.wiley.com/doi/pdf/10.1111/j.0022-2720.2004.01393.x
10.1364/OL.39.000275
10.1364/OE.21.029462
10.1038/s41467-018-04709-4
10.1038/s41592-020-0816-x
10.1364/BOE.10.002708
10.1101/2023.10.17.562517
https://www.biorxiv.org/content/early/2023/10/20/2023.10.17.562517.full.pdf
https://doi.org/10.1016/B978-0-12-079050-0.50020-5
10.1145/378456.378511
10.1364/OE.26.008397
10.4121/5f75fadc-8f80-4e27-a049-1137031b19c0
https://doi.org/10.1101/2024.01.24.577007
http://creativecommons.org/licenses/by/4.0/

	㈱㜠〠潢樊㰼⽔祰支䅮湯琊⽂潲摥爠嬰‰‰崊⽃⁛〠ㄠそਯ䠯䤊⽒散琠嬴ㄶ⸶㤷‴〴⸶㔲‴㈲⸳㜶‴ㄱ⸷ㄷ崊⽄敳琠嬲‰⁒ 塙娠㔶⸶㤳〠㔷㠮㐵㠰⁮畬汝ਯ卵扴祰支䱩湫㸾敮摯扪ਲㄸ‰⁯扪਼㰯呹灥⽁湮潴ਯ䉯牤敲⁛〠〠そਯ䌠嬰‱‰崊⽈⽉ਯ剥捴⁛㐲㐮〶㤠㐰㐮㘵㈠㐲㤮㜴㠠㐱ㄮ㜱㝝ਯ䑥獴⁛㈠〠删⽘奚‵㘮㘹㌰‵㈵⸴㐲〠湵汬崊⽓畢瑹灥⽌楮款㹥湤潢樊㈱㤠〠潢樊㰼⽔祰支䅮湯琊⽂潲摥爠嬰‰‰崊⽃⁛〠ㄠそਯ䠯䤊⽒散琠嬲㌶⸷㤠㌹㈮㘹㜠㈴㈮㐶㤠㌹㤮㜶㉝ਯ䑥獴⁛㈠〠删⽘奚‵㘮㘹㌰‴㠷⸳㐳〠湵汬崊⽓畢瑹灥⽌楮款㹥湤潢樊㈲〠〠潢樊㰼⽔祰支䅮湯琊⽂潲摥爠嬰‰‰崊⽃⁛〠ㄠそਯ䠯䤊⽒散琠嬲㐴⸱㘳″㤲⸶㤷′㐹⸸㐱″㤹⸷㘲崊⽄敳琠嬲‰⁒ 塙娠㔶⸶㤳〠㐰㘮〷㠰⁮畬汝ਯ卵扴祰支䱩湫㸾敮摯扪ਲ㈱‰⁯扪਼㰯呹灥⽁湮潴ਯ䉯牤敲⁛〠〠そਯ䌠嬰‱‰崊⽈⽉ਯ剥捴⁛㈶ㄮ㜰ㄠ㌵㔮㠴′㘷⸳㠠㌶㌮㠹㙝ਯ䑥獴⁛㈠〠删⽘奚‵㘮㘹㌰‴㐵⸷㐱〠湵汬崊⽓畢瑹灥⽌楮款㹥湤潢樊㈲㈠〠潢樊㰼⽔祰支䅮湯琊⽂潲摥爠嬰‰‰崊⽃⁛〠ㄠそਯ䠯䤊⽒散琠嬲㘸⸱㠹″㔵⸸㐠㈷㌮㠶㠠㌶㌮㠹㙝ਯ䑥獴⁛㈠〠删⽘奚‵㘮㘹㌰″㜸⸷㐳〠湵汬崊⽓畢瑹灥⽌楮款㹥湤潢樊㈲㌠〠潢樊㰼⽔祰支䅮湯琊⽂潲摥爠嬰‰‰崊⽃⁛〠ㄠそਯ䠯䤊⽒散琠嬲㜴⸶㜷″㔵⸸㐠㈸〮㌵㘠㌶㌮㠹㙝ਯ䑥獴⁛㈠〠删⽘奚‵㘮㘹㌰″㌸⸷〶〠湵汬崊⽓畢瑹灥⽌楮款㹥湤潢樊㈲㐠〠潢樊㰼⽔祰支䅮湯琊⽂潲摥爠嬰‰‰崊⽃⁛〠ㄠそਯ䠯䤊⽒散琠嬱㈷⸷㤴″㐴⸷㠸‱㌳⸴㜳″㔱⸹㐱崊⽄敳琠嬲‰⁒ 塙娠㔶⸶㤳〠㌱〮㤹㠰⁮畬汝ਯ卵扴祰支䱩湫㸾敮摯扪ਲ㈵‰⁯扪਼㰯呹灥⽁湮潴ਯ䉯牤敲⁛〠〠そਯ䌠嬰‱‰崊⽈⽉ਯ剥捴⁛㌰㤮〱㘠㌴㐮㠷㘠㌱㠮㌸ㄠ㌵ㄮ㤴ㅝਯ䑥獴⁛㈠〠删⽘奚‵㘮㘹㌰′㠳⸲㠹〠湵汬崊⽓畢瑹灥⽌楮款㹥湤潢樊㈲㘠〠潢樊㰼⽔祰支䅮湯琊⽂潲摥爠嬰‰‰崊⽃⁛〠ㄠそਯ䠯䤊⽒散琠嬲㌰⸹㔷″㈱⸰㐠㈴〮㌲㈠㌲㠮〳ㅝਯ䑥獴⁛㈠〠删⽘奚‵㘮㘹㌰′㔵⸵㠱〠湵汬崊⽓畢瑹灥⽌楮款㹥湤潢樊㈲㜠〠潢樊㰼⽔祰支䅮湯琊⽂潲摥爠嬰‰‰崊⽃⁛〠ㄠそਯ䠯䤊⽒散琠嬳㜴⸹ㄲ″〸⸳㘸″㠴⸲㜷″ㄵ⸳㔹崊⽄敳琠嬲‰⁒ 塙娠㔶⸶㤳〠㈲㜮㠷㌰⁮畬汝ਯ卵扴祰支䱩湫㸾敮摯扪ਲ㈸‰⁯扪਼㰯呹灥⽁湮潴ਯ䉯牤敲⁛〠〠そਯ䌠嬰‱‰崊⽈⽉ਯ剥捴⁛㤴⸳㌴′㤶⸳㌹‱〳⸶㤹″〳⸴〴崊⽄敳琠嬲‰⁒ 塙娠㔶⸶㤳〠㈰〮㔳㠰⁮畬汝ਯ卵扴祰支䱩湫㸾敮摯扪ਲ㈹‰⁯扪਼㰯呹灥⽁湮潴ਯ䉯牤敲⁛〠〠そਯ䌠嬰‱‰崊⽈⽉ਯ剥捴⁛㔱㤮〱㔠㈹㔮㌴㠠㔲㠮㌸″〳⸴〴崊⽄敳琠嬲‰⁒ 塙娠㔶⸶㤳〠ㄷ㈮㠳〰⁮畬汝ਯ卵扴祰支䱩湫㸾敮摯扪ਲ㌰‰⁯扪਼㰯呹灥⽁湮潴ਯ䉯牤敲⁛〠〠そਯ䌠嬰‱‰崊⽈⽉ਯ剥捴⁛㔲㤮ㄸ㤠㈹㔮㌴㠠㔳㠮㔵㐠㌰㌮㐰㑝ਯ䑥獴⁛㈠〠删⽘奚‵㘮㘹㌰‱㔶⸷〳〠湵汬崊⽓畢瑹灥⽌楮款㹥湤潢樊㈳ㄠ〠潢樊㰼⽔祰支䅮湯琊⽂潲摥爠嬰‰‰崊⽃⁛〠ㄠそਯ䠯䤊⽒散琠嬴㐹⸱㔷′㜲⸴㈹‴㔸⸵㈲′㜹⸴㤴崊⽄敳琠嬲‰⁒ 塙娠㔶⸶㤳〠ㄲ㤮㌶㠰⁮畬汝ਯ卵扴祰支䱩湫㸾敮摯扪ਲ㌲‰⁯扪਼㰯呹灥⽁湮潴ਯ䉯牤敲⁛〠〠そਯ䌠嬰‱‰崊⽈⽉ਯ剥捴⁛㌳㜮㌴㈠㈲㌮㠹㈠㌴㘮㜰㘠㈳〮㤵㝝ਯ䑥獴⁛㈠〠删⽘奚‵㘮㘹㌰‱〱⸶㘰〠湵汬崊⽓畢瑹灥⽌楮款㹥湤潢樊㈳㌠〠潢樊㰼⽔祰支䅮湯琊⽂潲摥爠嬰‰‰崊⽃⁛〠ㄠそਯ䠯䤊⽒散琠嬲㔵⸶㌵′ㄱ⸹㌷′㘵′ㄹ⸰〱崊⽄敳琠嬲‰⁒ 塙娠㔶⸶㤳〠㄰ㄮ㘶〰⁮畬汝ਯ卵扴祰支䱩湫㸾敮摯扪ਲ㌴‰⁯扪਼㰯呹灥⽁湮潴ਯ䉯牤敲⁛〠〠そਯ䌠嬰‱‰崊⽈⽉ਯ剥捴⁛ㄳ〮㘲㤠ㄸ㘮㌱㤠ㄳ㤮㤹㌠ㄹ㐮㌷㕝ਯ䑥獴⁛㌠〠删⽘奚‵㘮㘹㌰‷㈸⸲㈰〠湵汬崊⽓畢瑹灥⽌楮款㹥湤潢樊㈳㔠〠潢樊㰼⽔祰支䅮湯琊⽂潲摥爠嬰‰‰崊⽃⁛〠ㄠそਯ䠯䤊⽒散琠嬱㐰⸸〲‱㠶⸳ㄹ‱㔰⸱㘷‱㤴⸳㜵崊⽄敳琠嬳‰⁒ 塙娠㔶⸶㤳〠㜰㐮ㄴ㘰⁮畬汝ਯ卵扴祰支䱩湫㸾敮摯扪ਲ㌶‰⁯扪਼㰯呹灥⽁湮潴ਯ䉯牤敲⁛〠〠そਯ䌠嬰‱‰崊⽈⽉ਯ剥捴⁛㐸㜮㘳㤠ㄷ㔮㌵㔠㐹㜮〰㐠ㄸ㈮㐲崊⽄敳琠嬳‰⁒ 塙娠㔶⸶㤳〠㘷㜮㐳㐰⁮畬汝ਯ卵扴祰支䱩湫㸾敮摯扪ਲ㌷‰⁯扪਼㰯呹灥⽁湮潴ਯ䉯牤敲⁛〠〠そਯ䌠嬰‱‰崊⽈⽉ਯ剥捴⁛㐹㠮㘹㠠ㄷ㔮㌵㔠㔰㠮〶㌠ㄸ㈮㐲崊⽄敳琠嬳‰⁒ 塙娠㔶⸶㤳〠㔵㘮㜶㈰⁮畬汝ਯ卵扴祰支䱩湫㸾敮摯扪ਲ㌸‰⁯扪਼㰯呹灥⽁湮潴ਯ䉯牤敲⁛〠〠そਯ䌠嬰‱‰崊⽈⽉ਯ剥捴⁛㈰㈮㈶㈠ㄲ㘮㠱㠠㈱ㄮ㘲㜠ㄳ㌮㠸㍝ਯ䑥獴⁛㌠〠删⽘奚‵㘮㘹㌰‵㌰⸰㔰〠湵汬崊⽓畢瑹灥⽌楮款㹥湤潢樊㈳㤠〠潢樊㰼⽓⽕剉ਯ啒䤨桴瑰猺⼯摯椮潲术㄰⸱㄰ㄯ㈰㈴⸰ㄮ㈴⸵㜷〰㜩㸾敮摯扪ਲ㐰‰⁯扪਼㰯呹灥⽁湮潴ਯ䉯牤敲⁛〠〠そਯ剥捴⁛ㄳ〮〰㐠㜷㠠㈸㈮㜸‷㠸崊⽁†㈳㤠〠删ਯ卵扴祰支䱩湫㸾敮摯扪ਲ㐱‰⁯扪਼㰯匯啒䤊⽕剉⡨瑴瀺⼯捲敡瑩癥捯浭潮献潲术汩捥湳敳⽢礯㐮〯⤾㹥湤潢樊㈴㈠〠潢樊㰼⽔祰支䅮湯琊⽂潲摥爠嬰‰‰崊⽒散琠嬲㜶⸵㐸‷㘲″㤰⸱㐸‷㜲崊⽁†㈴ㄠ〠删ਯ卵扴祰支䱩湫㸾敮摯扪ਲ㐳‰⁯扪਼㰯呹灥⽇牯異ਯ匯呲慮獰慲敮捹ਯ䤠瑲略ਯ䍓⽄敶楣敒䝂㸾敮摯扪ਲ㐴‰⁯扪਼㰯呹灥⽁湮潴ਯ䉯牤敲⁛〠〠そਯ䌠嬰‱‰崊⽈⽉ਯ剥捴⁛㈵㘮ㄷ㘠㘹㘮㠹㐠㈶㔮㔴ㄠ㜰㌮㤵㡝ਯ䑥獴⁛㌠〠删⽘奚‵㘮㘹㌰‵〲⸵㤰〠湵汬崊⽓畢瑹灥⽌楮款㹥湤潢樊㈴㔠〠潢樊㰼⽔祰支䅮湯琊⽂潲摥爠嬰‰‰崊⽃⁛〠ㄠそਯ䠯䤊⽒散琠嬲㈰⸷㘶‶㌶⸷㠳′㌰⸱㌠㘴㌮㠴㝝ਯ䑥獴⁛㌠〠删⽘奚‵㘮㘹㌰‴㜵⸵〵〠湵汬崊⽓畢瑹灥⽌楮款㹥湤潢樊㈴㘠〠潢樊㰼⽔祰支䅮湯琊⽂潲摥爠嬰‰‰崊⽃⁛〠ㄠそਯ䠯䤊⽒散琠嬲ㄸ⸷㔶‶㈴⸸㈸′㈸⸱㈱‶㌱⸸㤲崊⽄敳琠嬳‰⁒ 塙娠㔶⸶㤳〠㐴㠮㐱㤰⁮畬汝ਯ卵扴祰支䱩湫㸾敮摯扪ਲ㐷‰⁯扪਼㰯呹灥⽁湮潴ਯ䉯牤敲⁛〠〠そਯ䌠嬱‰‰崊⽈⽉ਯ剥捴⁛㔴㤮㌲㘠㈹⸶〸‵㔶⸳〳‴㈮㔵㥝ਯ䑥獴⁛㌠〠删⽘奚‵㔮㘹㌰‷㘶⸰㠲〠湵汬崊⽓畢瑹灥⽌楮款㹥湤潢樊㈴㠠〠潢樊㰼⽓⽕剉ਯ啒䤨桴瑰猺⼯摯椮潲术㄰⸱㄰ㄯ㈰㈴⸰ㄮ㈴⸵㜷〰㜩㸾敮摯扪ਲ㐹‰⁯扪਼㰯呹灥⽁湮潴ਯ䉯牤敲⁛〠〠そਯ剥捴⁛ㄳ〮〰㐠㜷㠠㈸㈮㜸‷㠸崊⽁†㈴㠠〠删ਯ卵扴祰支䱩湫㸾敮摯扪ਲ㔰‰⁯扪਼㰯匯啒䤊⽕剉⡨瑴瀺⼯捲敡瑩癥捯浭潮献潲术汩捥湳敳⽢礯㐮〯⤾㹥湤潢樊㈵ㄠ〠潢樊㰼⽔祰支䅮湯琊⽂潲摥爠嬰‰‰崊⽒散琠嬲㜶⸵㐸‷㘲″㤰⸱㐸‷㜲崊⽁†㈵〠〠删ਯ卵扴祰支䱩湫㸾敮摯扪ਲ㔲‰⁯扪਼㰯呹灥⽇牯異ਯ匯呲慮獰慲敮捹ਯ䍓⽄敶楣敇牡社㹥湤潢樊㈵㌠〠潢樊㰼⽆畮捴楯湔祰攠㈊⽄潭慩湛《ㅝਯ䌰嬱崊⽃ㅛそਯ丠ㄾ㹥湤潢樊㈵㐠〠潢樊㰼⽓⽌畭楮潳楴礊⽇″㘠〠刾㹥湤潢樊㈵㔠〠潢樊㰼⽔祰支䝲潵瀊⽓⽔牡湳灡牥湣社㹥湤潢樊㈵㘠〠潢樊㰼⽆畮捴楯湔祰攠㈊⽄潭慩湛《ㅝਯ䌰嬰਱ਰ崊⽃ㅛㄊ〮㠵㠸㈴ਰ崊⽎‱㸾敮摯扪ਲ㔷‰⁯扪਼㰯匯䱵浩湯獩瑹ਯ䜠㐳‰⁒㸾敮摯扪ਲ㔸‰⁯扪਼㰯䙵湣瑩潮呹灥′ਯ䑯浡楮嬰਱崊⽃せㄊ《ㅝਯ䌱嬱ਰ⸸㔸㠲㐊そਯ丠ㄾ㹥湤潢樊㈵㤠〠潢樊㰼⽓⽌畭楮潳楴礊⽇‵〠〠刾㹥湤潢樊㈶〠〠潢樊㰼⽆畮捴楯湔祰攠㈊⽄潭慩湛《ㅝਯ䌰嬰⸶㤸〳㤊〮㔸〳㤲ਰ崊⽃ㅛ〮㘹㠰㌹ਰ⸵㠰㌹㈊そਯ丠ㄾ㹥湤潢樊㈶ㄠ〠潢樊㰼⽓⽌畭楮潳楴礊⽇‵㜠〠刾㹥湤潢樊㈶㈠〠潢樊㰼⽓⽌畭楮潳楴礊⽇‶㈠〠刾㹥湤潢樊㈶㌠〠潢樊㰼⽓⽌畭楮潳楴礊⽇‶㠠〠刾㹥湤潢樊㈶㐠〠潢樊㰼⽓⽌畭楮潳楴礊⽇‷㐠〠刾㹥湤潢樊㈶㔠〠潢樊㰼⽓⽌畭楮潳楴礊⽇‷㤠〠刾㹥湤潢樊㈶㘠〠潢樊㰼⽓⽌畭楮潳楴礊⽇‸㔠〠刾㹥湤潢樊㈶㜠〠潢樊㰼⽆畮捴楯湔祰攠㈊⽄潭慩湛《ㅝਯ䌰嬰⸶㤸〳㤊〮㔸〳㤲ਰ崊⽃ㅛㄊ〮㠵㠸㈴ਰ崊⽎‱㸾敮摯扪ਲ㘸‰⁯扪਼㰯呹灥⽁湮潴ਯ䉯牤敲⁛〠〠そਯ䌠嬰‱‰崊⽈⽉ਯ剥捴⁛㔰㌮㜳㠠㐱㤮㌱㜠㔱㌮㄰㌠㐲㘮㐷崊⽄敳琠嬳‰⁒ 塙娠㔶⸶㤳〠㐲ㄮ㐵㌰⁮畬汝ਯ卵扴祰支䱩湫㸾敮摯扪ਲ㘹‰⁯扪਼㰯呹灥⽁湮潴ਯ䉯牤敲⁛〠〠そਯ䌠嬰‱‰崊⽈⽉ਯ剥捴⁛㔴㔮㘶㌠㐰㜮㐵‵㔵⸰㈸‴ㄴ⸵ㄵ崊⽄敳琠嬲‰⁒ 塙娠㔶⸶㤳〠㄰ㄮ㘶〰⁮畬汝ਯ卵扴祰支䱩湫㸾敮摯扪ਲ㜰‰⁯扪਼㰯呹灥⽁湮潴ਯ䉯牤敲⁛〠〠そਯ䌠嬰‱‰崊⽈⽉ਯ剥捴⁛㐹㤮㌰㤠㌸㌮㐵㈠㔰㐮㤸㜠㌹〮㘰㕝ਯ䑥獴⁛㈠〠删⽘奚‵㘮㘹㌰″㄰⸹㤸〠湵汬崊⽓畢瑹灥⽌楮款㹥湤潢樊㈷ㄠ〠潢樊㰼⽔祰支䅮湯琊⽂潲摥爠嬰‰‰崊⽃⁛ㄠ〠そਯ䠯䤊⽒散琠嬵㌸⸱㌲″㘵⸸㠵‵㐵⸰ㄱ″㜶⸷㠹崊⽄敳琠嬲㐠〠删⽘奚‵㘮㘹㌰‶㤳⸵㠳〠湵汬崊⽓畢瑹灥⽌楮款㹥湤潢樊㈷㈠〠潢樊㰼⽔祰支䅮湯琊⽂潲摥爠嬰‰‰崊⽃⁛〠ㄠそਯ䠯䤊⽒散琠嬴ㄲ⸸ㄷ′㤹⸸㔴‴㈲⸱㠱″〶⸹ㄹ崊⽄敳琠嬲‰⁒ 塙娠㔶⸶㤳〠㈰〮㔳㠰⁮畬汝ਯ卵扴祰支䱩湫㸾敮摯扪ਲ㜳‰⁯扪਼㰯呹灥⽁湮潴ਯ䉯牤敲⁛〠〠そਯ䌠嬰‱‰崊⽈⽉ਯ剥捴⁛ㄸ㈮㘸ㄠ㈸㜮㠹㤠ㄹ㈮〴㘠㈹㐮㤶㍝ਯ䑥獴⁛㈠〠删⽘奚‵㘮㘹㌰′〰⸵㌸〠湵汬崊⽓畢瑹灥⽌楮款㹥湤潢樊㈷㐠〠潢樊㰼⽔祰支䅮湯琊⽂潲摥爠嬰‰‰崊⽃⁛〠ㄠそਯ䠯䤊⽒散琠嬲㐹⸴㘹′㜵⸹㐴′㔸⸸㌴′㠳⸰〸崊⽄敳琠嬲‰⁒ 塙娠㔶⸶㤳〠㈰〮㔳㠰⁮畬汝ਯ卵扴祰支䱩湫㸾敮摯扪ਲ㜵‰⁯扪਼㰯呹灥⽁湮潴ਯ䉯牤敲⁛〠〠そਯ䌠嬱‰‰崊⽈⽉ਯ剥捴⁛㐸㘮㌹㐠㈴㘮㌳㐠㐹㌮㈶㠠㈵㜮㈳㡝ਯ䑥獴⁛㈴‰⁒ 塙娠㔶⸶㤳〠㘹㌮㔸㌰⁮畬汝ਯ卵扴祰支䱩湫㸾敮摯扪ਲ㜶‰⁯扪਼㰯呹灥⽁湮潴ਯ䉯牤敲⁛〠〠そਯ䌠嬰‱‰崊⽈⽉ਯ剥捴⁛ㄴ㔮㠷㠠ㄸ㔮㠷㠠ㄵ㔮㈴㌠ㄹ㈮㤴㉝ਯ䑥獴⁛㈠〠删⽘奚‵㘮㘹㌰′〰⸵㌸〠湵汬崊⽓畢瑹灥⽌楮款㹥湤潢樊㈷㜠〠潢樊㰼⽔祰支䅮湯琊⽂潲摥爠嬰‰‰崊⽃⁛〠ㄠそਯ䠯䤊⽒散琠嬲㌹⸴㔵‱ㄴ⸱㐷′㐸⸸㈠ㄲㄮ㈱ㅝਯ䑥獴⁛㈠〠删⽘奚‵㘮㘹㌰‱㈹⸳㘸〠湵汬崊⽓畢瑹灥⽌楮款㹥湤潢樊㈷㠠〠潢樊㰼⽔祰支䅮湯琊⽂潲摥爠嬰‰‰崊⽃⁛ㄠ〠そਯ䠯䤊⽒散琠嬵㐹⸳㈶′㤮㘰㠠㔵㘮㌰㌠㐲⸵㔹崊⽄敳琠嬳‰⁒ 塙娠㔵⸶㤳〠㜶㘮〸㈰⁮畬汝ਯ卵扴祰支䱩湫㸾敮摯扪ਲ㜹‰⁯扪਼㰯匯啒䤊⽕剉⡨瑴灳㨯⽤潩⹯牧⼱〮ㄱ〱⼲〲㐮〱⸲㐮㔷㜰〷⤾㹥湤潢樊㈸〠〠潢樊㰼⽔祰支䅮湯琊⽂潲摥爠嬰‰‰崊⽒散琠嬱㌰⸰〴‷㜸′㠲⸷㠠㜸㡝ਯ䄠′㜹‰⁒ ⽓畢瑹灥⽌楮款㹥湤潢樊㈸ㄠ〠潢樊㰼⽓⽕剉ਯ啒䤨桴瑰㨯⽣牥慴楶散潭浯湳⹯牧⽬楣敮獥猯批⼴⸰⼩㸾敮摯扪ਲ㠲‰⁯扪਼㰯呹灥⽁湮潴ਯ䉯牤敲⁛〠〠そਯ剥捴⁛㈷㘮㔴㠠㜶㈠㌹〮ㄴ㠠㜷㉝ਯ䄠′㠱‰⁒ ⽓畢瑹灥⽌楮款㹥湤潢樊㈸㌠〠潢樊㰼⽔祰支䅮湯琊⽂潲摥爠嬰‰‰崊⽃⁛〠ㄠそਯ䠯䤊⽒散琠嬹㌮㠹㠠㘹㘮㠹㐠㄰㌮㈶㌠㜰㌮㤵㡝ਯ䑥獴⁛㌠〠删⽘奚‵㘮㘹㌰″㠲⸶㘶〠湵汬崊⽓畢瑹灥⽌楮款㹥湤潢樊㈸㐠〠潢樊㰼⽔祰支䅮湯琊⽂潲摥爠嬰‰‰崊⽃⁛〠ㄠそਯ䠯䤊⽒散琠嬷㔮㔱㘠㘴㤮〷㌠㠴⸸㠱‶㔶⸱㌸崊⽄敳琠嬲‰⁒ 塙娠㔶⸶㤳〠ㄲ㤮㌶㠰⁮畬汝ਯ卵扴祰支䱩湫㸾敮摯扪ਲ㠵‰⁯扪਼㰯呹灥⽁湮潴ਯ䉯牤敲⁛〠〠そਯ䌠嬱‰‰崊⽈⽉ਯ剥捴⁛㔴㤮㌲㘠㈹⸶〸‵㔶⸳〳‴㈮㔵㥝ਯ䑥獴⁛㌠〠删⽘奚‵㔮㘹㌰‷㘶⸰㠲〠湵汬崊⽓畢瑹灥⽌楮款㹥湤潢樊㈸㘠〠潢樊㰼⽓⽕剉ਯ啒䤨桴瑰猺⼯摯椮潲术㄰⸱㄰ㄯ㈰㈴⸰ㄮ㈴⸵㜷〰㜩㸾敮摯扪ਲ㠷‰⁯扪਼㰯呹灥⽁湮潴ਯ䉯牤敲⁛〠〠そਯ剥捴⁛ㄳ〮〰㐠㜷㠠㈸㈮㜸‷㠸崊⽁†㈸㘠〠删ਯ卵扴祰支䱩湫㸾敮摯扪ਲ㠸‰⁯扪਼㰯匯啒䤊⽕剉⡨瑴瀺⼯捲敡瑩癥捯浭潮献潲术汩捥湳敳⽢礯㐮〯⤾㹥湤潢樊㈸㤠〠潢樊㰼⽔祰支䅮湯琊⽂潲摥爠嬰‰‰崊⽒散琠嬲㜶⸵㐸‷㘲″㤰⸱㐸‷㜲崊⽁†㈸㠠〠删ਯ卵扴祰支䱩湫㸾敮摯扪ਲ㤰‰⁯扪਼㰯呹灥⽁湮潴ਯ䉯牤敲⁛〠〠そਯ䌠嬱‰‰崊⽈⽉ਯ剥捴⁛㔴㤮㌲㘠㈹⸶〸‵㔶⸳〳‴㈮㔵㥝ਯ䑥獴⁛㌠〠删⽘奚‵㔮㘹㌰‷㘶⸰㠲〠湵汬崊⽓畢瑹灥⽌楮款㹥湤潢樊㈹ㄠ〠潢樊㰼⽓⽕剉ਯ啒䤨桴瑰猺⼯摯椮潲术㄰⸱㄰ㄯ㈰㈴⸰ㄮ㈴⸵㜷〰㜩㸾敮摯扪ਲ㤲‰⁯扪਼㰯呹灥⽁湮潴ਯ䉯牤敲⁛〠〠そਯ剥捴⁛ㄳ〮〰㐠㜷㠠㈸㈮㜸‷㠸崊⽁†㈹ㄠ〠删ਯ卵扴祰支䱩湫㸾敮摯扪ਲ㤳‰⁯扪਼㰯匯啒䤊⽕剉⡨瑴瀺⼯捲敡瑩癥捯浭潮献潲术汩捥湳敳⽢礯㐮〯⤾㹥湤潢樊㈹㐠〠潢樊㰼⽔祰支䅮湯琊⽂潲摥爠嬰‰‰崊⽒散琠嬲㜶⸵㐸‷㘲″㤰⸱㐸‷㜲崊⽁†㈹㌠〠删ਯ卵扴祰支䱩湫㸾敮摯扪ਲ㤵‰⁯扪਼㰯呹灥⽁湮潴ਯ䉯牤敲⁛〠〠そਯ䌠嬱‰‰崊⽈⽉ਯ剥捴⁛㄰〮㈵㔠㜱㔮㄰㔠㄰㜮㌲㤠㜲㘮〰㥝ਯ䑥獴⁛㄰㌠〠删⽘奚‵㘮㘹㌰″㜷⸸㠵〠湵汬崊⽓畢瑹灥⽌楮款㹥湤潢樊㈹㘠〠潢樊㰼⽔祰支䅮湯琊⽂潲摥爠嬰‰‰崊⽃⁛ㄠ〠そਯ䠯䤊⽒散琠嬲㜵⸴㘹‶㐳⸳㜴′㠲⸴〳‶㔴⸲㜸崊⽄敳琠嬱〳‰⁒ 塙娠㔶⸶㤳〠㌷㜮㠸㔰⁮畬汝ਯ卵扴祰支䱩湫㸾敮摯扪ਲ㤷‰⁯扪਼㰯呹灥⽁湮潴ਯ䉯牤敲⁛〠〠そਯ䌠嬱‰‰崊⽈⽉ਯ剥捴⁛㤵⸰〴‶〶⸶㌳‱〲⸰㔷‶ㄹ⸳㤷崊⽄敳琠嬱‰⁒ 塙娠㔶⸶㤳〠㜳㐮ㄹ㠰⁮畬汝ਯ卵扴祰支䱩湫㸾敮摯扪ਲ㤸‰⁯扪਼㰯呹灥⽁湮潴ਯ䉯牤敲⁛〠〠そਯ䌠嬰‱‰崊⽈⽉ਯ剥捴⁛㈴㌮ㄳ㐠㘱㈮㌳㈠㈵㈮㐹㤠㘱㤮㌹㝝ਯ䑥獴⁛㌠〠删⽘奚‵㘮㘹㌰‵㌰⸰㔰〠湵汬崊⽓畢瑹灥⽌楮款㹥湤潢樊㈹㤠〠潢樊㰼⽔祰支䅮湯琊⽂潲摥爠嬰‰‰崊⽃⁛ㄠ〠そਯ䠯䤊⽒散琠嬴㜱⸴㜸‵㤴⸶㜷‴㜸⸵㌲‶〵⸵㠱崊⽄敳琠嬱‰⁒ 塙娠㔶⸶㤳〠㜳㐮ㄹ㠰⁮畬汝ਯ卵扴祰支䱩湫㸾敮摯扪ਲ਼〰‰⁯扪਼㰯呹灥⽁湮潴ਯ䉯牤敲⁛〠〠そਯ䌠嬱‰‰崊⽈⽉ਯ剥捴⁛㐸㈮㔸㔠㔸㈮㜲㈠㐸㤮㔶㌠㔹㌮㘲㙝ਯ䑥獴⁛ㄠ〠删⽘奚‵㘮㘹㌰‷㌴⸱㤸〠湵汬崊⽓畢瑹灥⽌楮款㹥湤潢樊㌰ㄠ〠潢樊㰼⽔祰支䅮湯琊⽂潲摥爠嬰‰‰崊⽃⁛ㄠ〠そਯ䠯䤊⽒散琠嬵㔮㌴㠠㔱〮ㄱ㘠㘲⸲㘲‵㈱⸰㉝ਯ䑥獴⁛ㄠ〠删⽘奚‵㘮㘹㌰‷㌴⸱㤸〠湵汬崊⽓畢瑹灥⽌楮款㹥湤潢樊㌰㈠〠潢樊㰼⽔祰支䅮湯琊⽂潲摥爠嬰‰‰崊⽃⁛ㄠ〠そਯ䠯䤊⽒散琠嬴㈳⸴㠶‴〱⸶㐴‴㌰⸵㘠㐱㈮㔴㡝ਯ䑥獴⁛ㄠ〠删⽘奚‵㘮㘹㌰‷㌴⸱㤸〠湵汬崊⽓畢瑹灥⽌楮款㹥湤潢樊㌰㌠〠潢樊㰼⽔祰支䅮湯琊⽂潲摥爠嬰‰‰崊⽃⁛ㄠ〠そਯ䠯䤊⽒散琠嬳㈸⸳㔸″㜷⸷㌳″㌵⸳㜲″㠸⸶㌷崊⽄敳琠嬱‰⁒ 塙娠㔶⸶㤳〠㜳㐮ㄹ㠰⁮畬汝ਯ卵扴祰支䱩湫㸾敮摯扪ਲ਼〴‰⁯扪਼㰯呹灥⽁湮潴ਯ䉯牤敲⁛〠〠そਯ䌠嬱‰‰崊⽈⽉ਯ剥捴⁛㐷ㄮ㌹㘠㈶㘮㔰㘠㐷㠮㌱㔠㈷㜮㐱崊⽄敳琠嬱‰⁒ 塙娠㔶⸶㤳〠㜳㐮ㄹ㠰⁮畬汝ਯ卵扴祰支䱩湫㸾敮摯扪ਲ਼〵‰⁯扪਼㰯呹灥⽁湮潴ਯ䉯牤敲⁛〠〠そਯ䌠嬱‰‰崊⽈⽉ਯ剥捴⁛㌱ㄮ㘶㠠ㄸㄮ㤴㔠㌱㠮㘴㜠ㄹ㈮㠴㡝ਯ䑥獴⁛ㄠ〠删⽘奚‵㘮㘹㌰‷㌴⸱㤸〠湵汬崊⽓畢瑹灥⽌楮款㹥湤潢樊㌰㘠〠潢樊㰼⽔祰支䅮湯琊⽂潲摥爠嬰‰‰崊⽃⁛ㄠ〠そਯ䠯䤊⽒散琠嬵㐹⸳㈶′㤮㘰㠠㔵㘮㌰㌠㐲⸵㔹崊⽄敳琠嬳‰⁒ 塙娠㔵⸶㤳〠㜶㘮〸㈰⁮畬汝ਯ卵扴祰支䱩湫㸾敮摯扪ਲ਼〷‰⁯扪਼㰯匯啒䤊⽕剉⡨瑴灳㨯⽤潩⹯牧⼱〮ㄱ〱⼲〲㐮〱⸲㐮㔷㜰〷⤾㹥湤潢樊㌰㠠〠潢樊㰼⽔祰支䅮湯琊⽂潲摥爠嬰‰‰崊⽒散琠嬱㌰⸰〴‷㜸′㠲⸷㠠㜸㡝ਯ䄠″〷‰⁒ ⽓畢瑹灥⽌楮款㹥湤潢樊㌰㤠〠潢樊㰼⽓⽕剉ਯ啒䤨桴瑰㨯⽣牥慴楶散潭浯湳⹯牧⽬楣敮獥猯批⼴⸰⼩㸾敮摯扪ਲ਼㄰‰⁯扪਼㰯呹灥⽁湮潴ਯ䉯牤敲⁛〠〠そਯ剥捴⁛㈷㘮㔴㠠㜶㈠㌹〮ㄴ㠠㜷㉝ਯ䄠″〹‰⁒ ⽓畢瑹灥⽌楮款㹥湤潢樊㌱ㄠ〠潢樊㰼⽔祰支䅮湯琊⽂潲摥爠嬰‰‰崊⽃⁛〠ㄠㅝਯ䠯䤊⽒散琠嬷㈮㌸㐠㔵ㄮ㜸ㄠㄷ㘮㈰㐠㔶㈮㘸㑝ਯ䄼㰯匯啒䤊⽔祰支䅣瑩潮ਯ啒䤨㄰⸱ㄲ㘯獣楥湣攮ㄱ㈷㌴㐩㸾ਯ卵扴祰支䱩湫㸾敮摯扪ਲ਼ㄲ‰⁯扪਼㰯呹灥⽁湮潴ਯ䉯牤敲⁛〠〠そਯ䌠嬰‱‱崊⽈⽉ਯ剥捴⁛㈰㤮㌴‵㔱⸷㠱‴㐳⸵‵㘲⸶㠴崊⽁㰼⽓⽕剉ਯ呹灥⽁捴楯渊⽕剉⡨瑴灳㨯⽷睷⹳捩敮捥⹯牧⽤潩⽰摦⼱〮ㄱ㈶⽳捩敮捥⸱ㄲ㜳㐴⤾㸊⽓畢瑹灥⽌楮款㹥湤潢樊㌱㌠〠潢樊㰼⽔祰支䅮湯琊⽂潲摥爠嬰‰‰崊⽃⁛〠ㄠㅝਯ䠯䤊⽒散琠嬱㤰⸶㤠㔲㐮㐴㘠㈶㜮㘸ㄠ㔳㔮〸㙝ਯ䄼㰯匯啒䤊⽔祰支䅣瑩潮ਯ啒䤨㄰⸱〳㠯湭整根㈹⤾㸊⽓畢瑹灥⽌楮款㹥湤潢樊㌱㐠〠潢樊㰼⽔祰支䅮湯琊⽂潲摥爠嬰‰‰崊⽃⁛〠ㄠㅝਯ䠯䤊⽒散琠嬹㔮㜵㌠㐹㘮㌶㐠㈷㔮㌸‵〷⸲㘸崊⽁㰼⽓⽕剉ਯ呹灥⽁捴楯渊⽕剉⠱〮ㄱ㐶⽡湮畲敶⹢楯捨敭⸷㜮〶ㄹ〶⸰㤲〱㐩㸾ਯ卵扴祰支䱩湫㸾敮摯扪ਲ਼ㄵ‰⁯扪਼㰯呹灥⽁湮潴ਯ䉯牤敲⁛〠〠そਯ䌠嬰‱‱崊⽈⽉ਯ剥捴⁛㌸ㄮ㠵㠠㐹㘮㌶㐠㔵㘮㌰㌠㔰㜮㈶㡝ਯ䄼㰯匯啒䤊⽔祰支䅣瑩潮ਯ啒䤨桴瑰猺⼯摯椮潲术㄰⸱ㄴ㘯慮湵牥瘮扩潣桥洮㜷⸰㘱㤰㘮〹㈰ㄴ⤾㸊⽓畢瑹灥⽌楮款㹥湤潢樊㌱㘠〠潢樊㰼⽔祰支䅮湯琊⽂潲摥爠嬰‰‰崊⽃⁛〠ㄠㅝਯ䠯䤊⽒散琠嬵㔮㘹㜠㐹㘮㌶㐠㔷⸶㠹‵〰⸵ㄳ崊⽁㰼⽓⽕剉ਯ呹灥⽁捴楯渊⽕剉⡨瑴灳㨯⽤潩⹯牧⼱〮ㄱ㐶⽡湮畲敶⹢楯捨敭⸷㜮〶ㄹ〶⸰㤲〱㐩㸾ਯ卵扴祰支䱩湫㸾敮摯扪ਲ਼ㄷ‰⁯扪਼㰯呹灥⽁湮潴ਯ䉯牤敲⁛〠〠そਯ䌠嬰‱‱崊⽈⽉ਯ剥捴⁛㜳⸱㌱‴㠶⸳㐶‱㌷⸳㤠㐹㔮㌱㍝ਯ䄼㰯匯啒䤊⽔祰支䅣瑩潮ਯ啒䤨桴瑰猺⼯摯椮潲术㄰⸱ㄴ㘯慮湵牥瘮扩潣桥洮㜷⸰㘱㤰㘮〹㈰ㄴ⤾㸊⽓畢瑹灥⽌楮款㹥湤潢樊㌱㠠〠潢樊㰼⽔祰支䅮湯琊⽂潲摥爠嬰‰‰崊⽃⁛〠ㄠㅝਯ䠯䤊⽒散琠嬳㘸⸶㤶‴㔶⸷‴㤳⸸㠸‴㘷⸷ㄴ崊⽁㰼⽓⽕剉ਯ呹灥⽁捴楯渊⽕剉⠱〮㄰㈱⽡捳⹣桥浲敶⸶戰〶㈹⤾㸊⽓畢瑹灥⽌楮款㹥湤潢樊㌱㤠〠潢樊㰼⽔祰支䅮湯琊⽂潲摥爠嬰‰‰崊⽃⁛〠ㄠㅝਯ䠯䤊⽒散琠嬱ㄷ⸹㘳‴㐴⸷㐵′㤹⸸㘠㐵㔮㘴㥝ਯ䄼㰯匯啒䤊⽔祰支䅣瑩潮ਯ啒䤨桴瑰猺⼯摯椮潲术㄰⸱〲ㄯ慣献捨敭牥瘮㙢〰㘲㤩㸾ਯ卵扴祰支䱩湫㸾敮摯扪ਲ਼㈰‰⁯扪਼㰯呹灥⽁湮潴ਯ䉯牤敲⁛〠〠そਯ䌠嬰‱‱崊⽈⽉ਯ剥捴⁛㐱㔮㜸ㄠ㐱㜮〳㜠㔲㔮㘰ㄠ㐲㠮〵崊⽁㰼⽓⽕剉ਯ呹灥⽁捴楯渊⽕剉⠱〮㄰㜳⽰湡献〹〰㈴㔱〶⤾㸊⽓畢瑹灥⽌楮款㹥湤潢樊㌲ㄠ〠潢樊㰼⽔祰支䅮湯琊⽂潲摥爠嬰‰‰崊⽃⁛〠ㄠㅝਯ䠯䤊⽒散琠嬷㌮ㄳㄠ㐰㔮〸㈠㌰〮ㄱ㤠㐱㔮㤸㙝ਯ䄼㰯匯啒䤊⽔祰支䅣瑩潮ਯ啒䤨桴瑰猺⼯睷眮灮慳⹯牧⽤潩⽰摦⼱〮㄰㜳⽰湡献〹〰㈴㔱〶⤾㸊⽓畢瑹灥⽌楮款㹥湤潢樊㌲㈠〠潢樊㰼⽔祰支䅮湯琊⽂潲摥爠嬰‰‰崊⽃⁛〠ㄠㅝਯ䠯䤊⽒散琠嬴㐱⸵〲″㠹⸳㈸‵㔶⸳〳‴〰⸳㐲崊⽁㰼⽓⽕剉ਯ呹灥⽁捴楯渊⽕剉⡨瑴灳㨯⽤潩⹯牧⼱〮㄰ㄶ⽪⹣敬氮㈰ㄶ⸰㘮〱㘩㸾ਯ卵扴祰支䱩湫㸾敮摯扪ਲ਼㈳‰⁯扪਼㰯呹灥⽁湮潴ਯ䉯牤敲⁛〠〠そਯ䌠嬰‱‱崊⽈⽉ਯ剥捴⁛㔵⸶㤷″㠹⸳㈸‵㜮㘸㤠㌹㌮㐷㡝ਯ䄼㰯匯啒䤊⽔祰支䅣瑩潮ਯ啒䤨桴瑰猺⼯摯椮潲术㄰⸱〱㘯樮捥汬⸲〱㘮〶⸰ㄶ⤾㸊⽓畢瑹灥⽌楮款㹥湤潢樊㌲㐠〠潢樊㰼⽔祰支䅮湯琊⽂潲摥爠嬰‰‰崊⽃⁛〠ㄠㅝਯ䠯䤊⽒散琠嬷㌮ㄳㄠ㌷㜮㜴㜠ㄲ㐮㤳㜠㌸㠮㈷㝝ਯ䄼㰯匯啒䤊⽔祰支䅣瑩潮ਯ啒䤨桴瑰猺⼯摯椮潲术㄰⸱〱㘯樮捥汬⸲〱㘮〶⸰ㄶ⤾㸊⽓畢瑹灥⽌楮款㹥湤潢樊㌲㔠〠潢樊㰼⽔祰支䅮湯琊⽂潲摥爠嬰‰‰崊⽃⁛〠ㄠㅝਯ䠯䤊⽒散琠嬳〱⸶㤶″㐹⸶㘵‴〶⸳㌠㌶〮㘷㥝ਯ䄼㰯匯啒䤊⽔祰支䅣瑩潮ਯ啒䤨㄰⸱ㄲ㘯獣楥湣攮ㄱ㔳㔲㤩㸾ਯ卵扴祰支䱩湫㸾敮摯扪ਲ਼㈶‰⁯扪਼㰯呹灥⽁湮潴ਯ䉯牤敲⁛〠〠そਯ䌠嬰‱‱崊⽈⽉ਯ剥捴⁛㐳㤮㘵㠠㌴㤮㘶㔠㔵㘮㌰㌠㌶〮㘷㥝ਯ䄼㰯匯啒䤊⽔祰支䅣瑩潮ਯ啒䤨桴瑰猺⼯睷眮獣楥湣攮潲术摯椯灤是㄰⸱ㄲ㘯獣楥湣攮ㄱ㔳㔲㤩㸾ਯ卵扴祰支䱩湫㸾敮摯扪ਲ਼㈷‰⁯扪਼㰯呹灥⽁湮潴ਯ䉯牤敲⁛〠〠そਯ䌠嬰‱‱崊⽈⽉ਯ剥捴⁛㔵⸶㤷″㐹⸶㘵‵㜮㘸㤠㌵㌮㠱㑝ਯ䄼㰯匯啒䤊⽔祰支䅣瑩潮ਯ啒䤨桴瑰猺⼯睷眮獣楥湣攮潲术摯椯灤是㄰⸱ㄲ㘯獣楥湣攮ㄱ㔳㔲㤩㸾ਯ卵扴祰支䱩湫㸾敮摯扪ਲ਼㈸‰⁯扪਼㰯呹灥⽁湮潴ਯ䉯牤敲⁛〠〠そਯ䌠嬰‱‱崊⽈⽉ਯ剥捴⁛㜳⸱㌱″㌷⸷ㄠㄹ㌮〰ㄠ㌴㠮㘱㑝ਯ䄼㰯匯啒䤊⽔祰支䅣瑩潮ਯ啒䤨桴瑰猺⼯睷眮獣楥湣攮潲术摯椯灤是㄰⸱ㄲ㘯獣楥湣攮ㄱ㔳㔲㤩㸾ਯ卵扴祰支䱩湫㸾敮摯扪ਲ਼㈹‰⁯扪਼㰯呹灥⽁湮潴ਯ䉯牤敲⁛〠〠そਯ䌠嬰‱‱崊⽈⽉ਯ剥捴⁛ㄹ〮〹㈠㌱〮〰ㄠ㌲㠮㈲㌠㌲ㄮ〱㕝ਯ䄼㰯匯啒䤊⽔祰支䅣瑩潮ਯ啒䤨㄰⸱㄰㌯偨祳剥癌整琮ㄱ㌮ㄳ㌹〲⤾㸊⽓畢瑹灥⽌楮款㹥湤潢樊㌳〠〠潢樊㰼⽔祰支䅮湯琊⽂潲摥爠嬰‰‰崊⽃⁛〠ㄠㅝਯ䠯䤊⽒散琠嬲㐱⸲㜠㈸㈮㈹㌠㌲㔮㜳㈠㈹㌮㌰㝝ਯ䄼㰯匯啒䤊⽔祰支䅣瑩潮ਯ啒䤨㄰⸱〳㠯湭整栮ㄴ㐹⤾㸊⽓畢瑹灥⽌楮款㹥湤潢樊㌳ㄠ〠潢樊㰼⽔祰支䅮湯琊⽂潲摥爠嬰‰‰崊⽃⁛〠ㄠㅝਯ䠯䤊⽒散琠嬱㐵⸹〸′㔴⸵㠵′㔳⸳㐵′㘵⸴㠹崊⽁㰼⽓⽕剉ਯ呹灥⽁捴楯渊⽕剉⠱〮㄰ㄶ⽪⹢灪⸲〲㈮〵⸰㈷⤾㸊⽓畢瑹灥⽌楮款㹥湤潢樊㌳㈠〠潢樊㰼⽔祰支䅮湯琊⽂潲摥爠嬰‰‰崊⽃⁛〠ㄠㅝਯ䠯䤊⽒散琠嬳㔵⸰㤠㈲㘮㠷㘠㐷㜮㈹㈠㈳㜮㠹崊⽁㰼⽓⽕剉ਯ呹灥⽁捴楯渊⽕剉⠱〮㄰㌸⽳㐱㔹㠭〲㌭㐹㄰ㄭ㔩㸾ਯ卵扴祰支䱩湫㸾敮摯扪ਲ਼㌳‰⁯扪਼㰯呹灥⽁湮潴ਯ䉯牤敲⁛〠〠そਯ䌠嬰‱‱崊⽈⽉ਯ剥捴⁛ㄸ㈮㈹ㄠㄹ㤮㔴㈠㈸㌮〲㌠㈱〮ㄸ㉝ਯ䄼㰯匯啒䤊⽔祰支䅣瑩潮ਯ啒䤨㄰⸱〳㠯湭整栰㐱ㄭ㈷㤩㸾ਯ卵扴祰支䱩湫㸾敮摯扪ਲ਼㌴‰⁯扪਼㰯呹灥⽁湮潴ਯ䉯牤敲⁛〠〠そਯ䌠嬰‱‱崊⽈⽉ਯ剥捴⁛ㄳ㔮㤴㔠ㄷㄮ㠳㌠㈲〮㐰㠠ㄸ㈮㌶㑝ਯ䄼㰯匯啒䤊⽔祰支䅣瑩潮ਯ啒䤨㄰⸱〳㠯湭整栮㐶㘱⤾㸊⽓畢瑹灥⽌楮款㹥湤潢樊㌳㔠〠潢樊㰼⽔祰支䅮湯琊⽂潲摥爠嬰‰‰崊⽃⁛〠ㄠㅝਯ䠯䤊⽒散琠嬷㈮㌸㐠ㄲ㠮㌷㈠㈰㤮〳ㄠㄳ㠮㤰㉝ਯ䄼㰯匯啒䤊⽔祰支䅣瑩潮ਯ啒䤨㄰⸱〱㘯匰〰㘭㌴㤵⠰㐩㜴ㄹ㌭㐩㸾ਯ卵扴祰支䱩湫㸾敮摯扪ਲ਼㌶‰⁯扪਼㰯呹灥⽁湮潴ਯ䉯牤敲⁛〠〠そਯ䌠嬰‱‱崊⽈⽉ਯ剥捴⁛ㄱ㘮〲‱〰⸶㘴′㐰⸴㌳‱ㄱ⸱㤴崊⽁㰼⽓⽕剉ਯ呹灥⽁捴楯渊⽕剉⠱〮㄰㌸⽳㐱㔹㠭〱㜭〰㘲㈭眩㸾ਯ卵扴祰支䱩湫㸾敮摯扪ਲ਼㌷‰⁯扪਼㰯呹灥⽁湮潴ਯ䉯牤敲⁛〠〠そਯ䌠嬰‱‱崊⽈⽉ਯ剥捴⁛ㄸㄮ㤵㔠㜲⸵㠲″㠲⸶㠷‸㌮㔹㕝ਯ䄼㰯匯啒䤊⽔祰支䅣瑩潮ਯ啒䤨桴瑰猺⼯摯椮潲术㄰⸱ㄱㄯ樮ㄳ㘵ⴲ㠱㠮ㄹ㤸⸹㤹㤹⹸⤾㸊⽓畢瑹灥⽌楮款㹥湤潢樊㌳㠠〠潢樊㰼⽔祰支䅮湯琊⽂潲摥爠嬰‰‰崊⽃⁛〠ㄠㅝਯ䠯䤊⽒散琠嬴ㄵ⸶〸‷㈮㔸㈠㔵㘮㌰㌠㠳⸵㤵崊⽁㰼⽓⽕剉ਯ呹灥⽁捴楯渊⽕剉⡨瑴灳㨯⽯湬楮敬楢牡特⹷楬敹⹣潭⽤潩⽰摦⼱〮ㄱㄱ⽪⸱㌶㔭㈸ㄸ⸱㤹㠮㤹㤹㤮砩㸾ਯ卵扴祰支䱩湫㸾敮摯扪ਲ਼㌹‰⁯扪਼㰯呹灥⽁湮潴ਯ䉯牤敲⁛〠〠そਯ䌠嬰‱‱崊⽈⽉ਯ剥捴⁛㔵⸶㤷‷㈮㔸㈠㔷⸶㠹‷㘮㜳ㅝਯ䄼㰯匯啒䤊⽔祰支䅣瑩潮ਯ啒䤨桴瑰猺⼯潮汩湥汩扲慲礮睩汥礮捯洯摯椯灤是㄰⸱ㄱㄯ樮ㄳ㘵ⴲ㠱㠮ㄹ㤸⸹㤹㤹⹸⤾㸊⽓畢瑹灥⽌楮款㹥湤潢樊㌴〠〠潢樊㰼⽔祰支䅮湯琊⽂潲摥爠嬰‰‰崊⽃⁛〠ㄠㅝਯ䠯䤊⽒散琠嬷㌮ㄳㄠ㘰⸶㈶′㌲⸵㌳‷ㄮ㔳崊⽁㰼⽓⽕剉ਯ呹灥⽁捴楯渊⽕剉⡨瑴灳㨯⽯湬楮敬楢牡特⹷楬敹⹣潭⽤潩⽰摦⼱〮ㄱㄱ⽪⸱㌶㔭㈸ㄸ⸱㤹㠮㤹㤹㤮砩㸾ਯ卵扴祰支䱩湫㸾敮摯扪ਲ਼㐱‰⁯扪਼㰯呹灥⽁湮潴ਯ䉯牤敲⁛〠〠そਯ䌠嬱‰‰崊⽈⽉ਯ剥捴⁛㔴㤮㌲㘠㈹⸶〸‵㔶⸳〳‴㈮㔵㥝ਯ䑥獴⁛㌠〠删⽘奚‵㔮㘹㌰‷㘶⸰㠲〠湵汬崊⽓畢瑹灥⽌楮款㹥湤潢樊㌴㈠〠潢樊㰼⽓⽕剉ਯ啒䤨桴瑰猺⼯摯椮潲术㄰⸱㄰ㄯ㈰㈴⸰ㄮ㈴⸵㜷〰㜩㸾敮摯扪ਲ਼㐳‰⁯扪਼㰯呹灥⽁湮潴ਯ䉯牤敲⁛〠〠そਯ剥捴⁛ㄳ〮〰㐠㜷㠠㈸㈮㜸‷㠸崊⽁†㌴㈠〠删ਯ卵扴祰支䱩湫㸾敮摯扪ਲ਼㐴‰⁯扪਼㰯匯啒䤊⽕剉⡨瑴瀺⼯捲敡瑩癥捯浭潮献潲术汩捥湳敳⽢礯㐮〯⤾㹥湤潢樊㌴㔠〠潢樊㰼⽔祰支䅮湯琊⽂潲摥爠嬰‰‰崊⽒散琠嬲㜶⸵㐸‷㘲″㤰⸱㐸‷㜲崊⽁†㌴㐠〠删ਯ卵扴祰支䱩湫㸾敮摯扪ਲ਼㐶‰⁯扪਼㰯呹灥⽁湮潴ਯ䉯牤敲⁛〠〠そਯ䌠嬰‱‱崊⽈⽉ਯ剥捴⁛㌴㐮㤴‷〳⸱㔠㐵㜮㤰㘠㜱㐮ㄶ㍝ਯ䄼㰯匯啒䤊⽔祰支䅣瑩潮ਯ啒䤨㄰⸱㌶㐯佐呉䍁⸲⸰〰ㄷ㜩㸾ਯ卵扴祰支䱩湫㸾敮摯扪ਲ਼㐷‰⁯扪਼㰯呹灥⽁湮潴ਯ䉯牤敲⁛〠〠そਯ䌠嬰‱‱崊⽈⽉ਯ剥捴⁛㈰㔮㌹㐠㘷㘮㐳㜠㌲㈮㘱㐠㘸㜮〷㝝ਯ䄼㰯匯啒䤊⽔祰支䅣瑩潮ਯ啒䤨㄰⸱〳㠯猴ㄵ㤲ⴰㄸⴰ〵㌭㠩㸾ਯ卵扴祰支䱩湫㸾敮摯扪ਲ਼㐸‰⁯扪਼㰯呹灥⽁湮潴ਯ䉯牤敲⁛〠〠そਯ䌠嬰‱‱崊⽈⽉ਯ剥捴⁛㈹㜮㌱㠠㘴㠮㤷㠠㔰〮㈴㤠㘵㤮㤹㉝ਯ䄼㰯匯啒䤊⽔祰支䅣瑩潮ਯ啒䤨桴瑰猺⼯摯椮潲术㄰⸱ㄱㄯ樮〰㈲ⴲ㜲〮㈰〴⸰ㄳ㤳⹸⤾㸊⽓畢瑹灥⽌楮款㹥湤潢樊㌴㤠〠潢樊㰼⽔祰支䅮湯琊⽂潲摥爠嬰‰‰崊⽃⁛〠ㄠㅝਯ䠯䤊⽒散琠嬵㌳⸴㘱‶㐸⸹㜸‵㔶⸳〳‶㔹⸹㤲崊⽁㰼⽓⽕剉ਯ呹灥⽁捴楯渊⽕剉⡨瑴灳㨯⽯湬楮敬楢牡特⹷楬敹⹣潭⽤潩⽰摦⼱〮ㄱㄱ⽪⸰〲㈭㈷㈰⸲〰㐮〱㌹㌮砩㸾ਯ卵扴祰支䱩湫㸾敮摯扪ਲ਼㔰‰⁯扪਼㰯呹灥⽁湮潴ਯ䉯牤敲⁛〠〠そਯ䌠嬰‱‱崊⽈⽉ਯ剥捴⁛㔵⸶㤷‶㐸⸹㜸‵㜮㘸㤠㘵㌮ㄲ㝝ਯ䄼㰯匯啒䤊⽔祰支䅣瑩潮ਯ啒䤨桴瑰猺⼯潮汩湥汩扲慲礮睩汥礮捯洯摯椯灤是㄰⸱ㄱㄯ樮〰㈲ⴲ㜲〮㈰〴⸰ㄳ㤳⹸⤾㸊⽓畢瑹灥⽌楮款㹥湤潢樊㌵ㄠ〠潢樊㰼⽔祰支䅮湯琊⽂潲摥爠嬰‰‰崊⽃⁛〠ㄠㅝਯ䠯䤊⽒散琠嬷㌮ㄳㄠ㘳㜮〲㌠㌵〮㌶‶㐷⸹㈷崊⽁㰼⽓⽕剉ਯ呹灥⽁捴楯渊⽕剉⡨瑴灳㨯⽯湬楮敬楢牡特⹷楬敹⹣潭⽤潩⽰摦⼱〮ㄱㄱ⽪⸰〲㈭㈷㈰⸲〰㐮〱㌹㌮砩㸾ਯ卵扴祰支䱩湫㸾敮摯扪ਲ਼㔲‰⁯扪਼㰯呹灥⽁湮潴ਯ䉯牤敲⁛〠〠そਯ䌠嬰‱‱崊⽈⽉ਯ剥捴⁛㌷㘮〰㌠㘰㤮㤳㜠㐷ㄮ㈵㘠㘲〮㤵ㅝਯ䄼㰯匯啒䤊⽔祰支䅣瑩潮ਯ啒䤨㄰⸱㌶㐯佌⸳㤮〰〲㜵⤾㸊⽓畢瑹灥⽌楮款㹥湤潢樊㌵㌠〠潢樊㰼⽔祰支䅮湯琊⽂潲摥爠嬰‰‰崊⽃⁛〠ㄠㅝਯ䠯䤊⽒散琠嬳㠰⸳㈷‵㠲⸸㔱‴㜵⸵㠠㔹㌮㠶㕝ਯ䄼㰯匯啒䤊⽔祰支䅣瑩潮ਯ啒䤨㄰⸱㌶㐯佅⸲ㄮ〲㤴㘲⤾㸊⽓畢瑹灥⽌楮款㹥湤潢樊㌵㐠〠潢樊㰼⽔祰支䅮湯琊⽂潲摥爠嬰‰‰崊⽃⁛〠ㄠㅝਯ䠯䤊⽒散琠嬲ㄶ⸴㔳‵㔵⸷㘶″㌸⸶㔴‵㘶⸷㜹崊⽁㰼⽓⽕剉ਯ呹灥⽁捴楯渊⽕剉⠱〮㄰㌸⽳㐱㐶㜭〱㠭〴㜰㤭㐩㸾ਯ卵扴祰支䱩湫㸾敮摯扪ਲ਼㔵‰⁯扪਼㰯呹灥⽁湮潴ਯ䉯牤敲⁛〠〠そਯ䌠嬰‱‱崊⽈⽉ਯ剥捴⁛ㄸ㜮㈷㌠㔲㤮〵㐠㌰㐮㐹㌠㔳㤮㘹㑝ਯ䄼㰯匯啒䤊⽔祰支䅣瑩潮ਯ啒䤨㄰⸱〳㠯猴ㄵ㤲ⴰ㈰ⴰ㠱㘭砩㸾ਯ卵扴祰支䱩湫㸾敮摯扪ਲ਼㔶‰⁯扪਼㰯呹灥⽁湮潴ਯ䉯牤敲⁛〠〠そਯ䌠嬰‱‱崊⽈⽉ਯ剥捴⁛㌶㠮㔵ㄠ㔰ㄮ㔹㐠㐷〮㐴㠠㔱㈮㘰㡝ਯ䄼㰯匯啒䤊⽔祰支䅣瑩潮ਯ啒䤨㄰⸱㌶㐯䉏䔮㄰⸰〲㜰㠩㸾ਯ卵扴祰支䱩湫㸾敮摯扪ਲ਼㔷‰⁯扪਼㰯呹灥⽁湮潴ਯ䉯牤敲⁛〠〠そਯ䌠嬰‱‱崊⽈⽉ਯ剥捴⁛㜲⸳㠴‴㜴⸵〸‱㠶⸷㌵‴㠵⸴ㄲ崊⽁㰼⽓⽕剉ਯ呹灥⽁捴楯渊⽕剉⠱〮ㄱ〱⼲〲㌮㄰⸱㜮㔶㈵ㄷ⤾㸊⽓畢瑹灥⽌楮款㹥湤潢樊㌵㠠〠潢樊㰼⽔祰支䅮湯琊⽂潲摥爠嬰‰‰崊⽃⁛〠ㄠㅝਯ䠯䤊⽒散琠嬲ㄹ⸸㜱‴㜴⸵〸‵㌱⸴㜠㐸㔮㐱㉝ਯ䄼㰯匯啒䤊⽔祰支䅣瑩潮ਯ啒䤨桴瑰猺⼯睷眮扩潲硩瘮潲术捯湴敮琯敡牬礯㈰㈳⼱〯㈰⼲〲㌮㄰⸱㜮㔶㈵ㄷ⹦畬氮灤昩㸾ਯ卵扴祰支䱩湫㸾敮摯扪ਲ਼㔹‰⁯扪਼㰯呹灥⽁湮潴ਯ䉯牤敲⁛〠〠そਯ䌠嬰‱‱崊⽈⽉ਯ剥捴⁛㈳㠮㠱㤠㐴㜮㐲㌠㐵㜮㔹㜠㐵㠮㌲㝝ਯ䄼㰯匯啒䤊⽔祰支䅣瑩潮ਯ啒䤨桴瑰猺⼯摯椮潲术㄰⸱〱㘯䈹㜸ⴰⴱ㈭〷㤰㔰ⴰ⸵〰㈰ⴵ⤾㸊⽓畢瑹灥⽌楮款㹥湤潢樊㌶〠〠潢樊㰼⽔祰支䅮湯琊⽂潲摥爠嬰‰‰崊⽃⁛〠ㄠㅝਯ䠯䤊⽒散琠嬱㠱⸳㜵‴㈰⸴㔶′㠰⸷㠲‴㌱⸳㔱崊⽁㰼⽓⽕剉ਯ呹灥⽁捴楯渊⽕剉⠱〮ㄱ㐵⼳㜸㐵㘮㌷㠵ㄱ⤾㸊⽓畢瑹灥⽌楮款㹥湤潢樊㌶ㄠ〠潢樊㰼⽔祰支䅮湯琊⽂潲摥爠嬰‰‰崊⽃⁛〠ㄠㅝਯ䠯䤊⽒散琠嬴㔹⸶㠴″㤳⸲㔱‵㔶⸸〱‴〴⸲㘵崊⽁㰼⽓⽕剉ਯ呹灥⽁捴楯渊⽕剉⠱〮ㄳ㘴⽏䔮㈶⸰〸㌹㜩㸾ਯ卵扴祰支䱩湫㸾敮摯扪ਲ਼㘲‰⁯扪਼㰯呹灥⽁湮潴ਯ䉯牤敲⁛〠〠そਯ䌠嬰‱‱崊⽈⽉ਯ剥捴⁛㈳㔮ㄸ㈠㈸㐮㤰㠠㐳㤮㄰㘠㈹㔮㠱㉝ਯ䄼㰯匯啒䤊⽔祰支䅣瑩潮ਯ啒䤨㄰⸴ㄲㄯ㕦㜵晡摣ⴸ昸〭㑥㈷ⵡ〴㤭ㄱ㌷〳ㅢㄹ挰⤾㸊⽓畢瑹灥⽌楮款㹥湤潢樊㌶㌠〠潢樊㰼⽔祰支䅮湯琊⽂潲摥爠嬰‰‰崊⽃⁛〠ㄠそਯ䠯䤊⽒散琠嬱㤷⸲㜱‱〷⸱ㄵ′〶⸶㌶‱ㄵ⸱㜱崊⽄敳琠嬳‰⁒ 塙娠㔶⸶㤳〠㌵㔮㔸〰⁮畬汝ਯ卵扴祰支䱩湫㸾敮摯扪ਲ਼㘴‰⁯扪਼㰯呹灥⽁湮潴ਯ䉯牤敲⁛〠〠そਯ䌠嬰‱‰崊⽈⽉ਯ剥捴⁛㈰㜮㐴㔠㄰㜮ㄱ㔠㈱㘮㠱‱ㄵ⸱㜱崊⽄敳琠嬳‰⁒ 塙娠㔶⸶㤳〠㌴〮〷㘰⁮畬汝ਯ卵扴祰支䱩湫㸾敮摯扪ਲ਼㘵‰⁯扪਼㰯呹灥⽁湮潴ਯ䉯牤敲⁛〠〠そਯ䌠嬰‱‰崊⽈⽉ਯ剥捴⁛㔳㘮㘶㘠㤰⸲㌶‵㐶⸰㌠㤷⸳〱崊⽄敳琠嬳‰⁒ 塙娠㔶⸶㤳〠㌱㌮㌶㐰⁮畬汝ਯ卵扴祰支䱩湫㸾敮摯扪ਲ਼㘶‰⁯扪਼㰯呹灥⽁湮潴ਯ䉯牤敲⁛〠〠そਯ䌠嬰‱‰崊⽈⽉ਯ剥捴⁛㤸⸰㌸‶㘮㌲㘠㄰㜮㐰㈠㜳⸳㥝ਯ䑥獴⁛㌠〠删⽘奚‵㘮㘹㌰′㠵⸹〵〠湵汬崊⽓畢瑹灥⽌楮款㹥湤潢樊㌶㜠〠潢樊㰼⽔祰支䅮湯琊⽂潲摥爠嬰‰‰崊⽃⁛ㄠ〠そਯ䠯䤊⽒散琠嬵㐹⸳㈶′㤮㘰㠠㔵㘮㌰㌠㐲⸵㔹崊⽄敳琠嬳‰⁒ 塙娠㔵⸶㤳〠㜶㘮〸㈰⁮畬汝ਯ卵扴祰支䱩湫㸾敮摯扪ਲ਼㘸‰⁯扪਼㰯匯啒䤊⽕剉⡨瑴灳㨯⽤潩⹯牧⼱〮ㄱ〱⼲〲㐮〱⸲㐮㔷㜰〷⤾㹥湤潢樊㌶㤠〠潢樊㰼⽔祰支䅮湯琊⽂潲摥爠嬰‰‰崊⽒散琠嬱㌰⸰〴‷㜸′㠲⸷㠠㜸㡝ਯ䄠″㘸‰⁒ ⽓畢瑹灥⽌楮款㹥湤潢樊㌷〠〠潢樊㰼⽓⽕剉ਯ啒䤨桴瑰㨯⽣牥慴楶散潭浯湳⹯牧⽬楣敮獥猯批⼴⸰⼩㸾敮摯扪ਲ਼㜱‰⁯扪਼㰯呹灥⽁湮潴ਯ䉯牤敲⁛〠〠そਯ剥捴⁛㈷㘮㔴㠠㜶㈠㌹〮ㄴ㠠㜷㉝ਯ䄠″㜰‰⁒ ⽓畢瑹灥⽌楮款㹥湤潢樊㌷㔠〠潢樊㰼⽔祰支䵥瑡摡瑡ਯ卵扴祰支塍䰯䱥湧瑨‱㐸㈾㹳瑲敡洊㰿硰慣步琠扥杩渽⟯뮿✠楤㴧圵䴰䵰䍥桩䡺牥卺乔捺正㥤✿㸊㰿慤潢攭硡瀭晩汴敲猠敳挽≃剌䘢㼾਼砺硭灭整愠硭汮猺砽❡摯扥㩮猺浥瑡⼧⁸㩸浰瑫㴧塍倠瑯潬歩琠㈮㤮ㄭㄳⰠ晲慭敷潲欠ㄮ㘧㸊㱲摦㩒䑆⁸浬湳㩲摦㴧桴瑰㨯⽷睷⹷㌮潲术ㄹ㤹⼰㈯㈲⵲摦⵳祮瑡砭湳⌧⁸浬湳㩩堽❨瑴瀺⼯湳⹡摯扥⹣潭⽩堯ㄮ〯✾਼牤昺䑥獣物灴楯渠牤昺慢潵琽∢⁸浬湳㩰摦㴧桴瑰㨯⽮献慤潢攮捯洯灤是ㄮ㌯✾㱰摦㩐牯摵捥爾䝐䰠䝨潳瑳捲楰琠㄰⸰〮〼⽰摦㩐牯摵捥爾਼灤昺䭥祷潲摳㸼⽰摦㩋敹睯牤猾਼⽲摦㩄敳捲楰瑩潮㸊㱲摦㩄敳捲楰瑩潮⁲摦㩡扯畴㴢∠硭汮猺硭瀽❨瑴瀺⼯湳⹡摯扥⹣潭⽸慰⼱⸰⼧㸼硭瀺䵯摩晹䑡瑥㸲〲㐭〱ⴲ㥔ㄵ㨰〺㔶娼⽸浰㩍潤楦祄慴放਼硭瀺䍲敡瑥䑡瑥㸲〲㐭〱ⴲ㥔ㄵ㨰〺㔶娼⽸浰㩃牥慴敄慴放਼硭瀺䍲敡瑯牔潯氾䱡呥堠睩瑨⁨祰敲牥昼⽸浰㩃牥慴潲呯潬㸼⽲摦㩄敳捲楰瑩潮㸊㱲摦㩄敳捲楰瑩潮⁲摦㩡扯畴㴢∠硭汮猺硡灍䴽❨瑴瀺⼯湳⹡摯扥⹣潭⽸慰⼱⸰⽭洯✠硡灍䴺䑯捵浥湴䥄㴧畵楤㩣ㄱ㤲㥢挭昶搳ⴱㅦ㤭〰〰ⴷ㌵攴敢㝢㘲搧⼾਼牤昺䑥獣物灴楯渠牤昺慢潵琽∢⁸浬湳㩤挽❨瑴瀺⼯灵牬⹯牧⽤振敬敭敮瑳⼱⸱⼧⁤挺景牭慴㴧慰灬楣慴楯港灤昧㸼摣㩴楴汥㸼牤昺䅬琾㱲摦㩬椠硭氺污湧㴧砭摥晡畬琧㹕獩湧⁳灬楮敳⁦潲⁰潩湴⁳灲敡搠晵湣瑩潮⁣慬楢牡瑩潮⁡琦⌱〻湯渭畮楦潲洠摥灴桳⁩渠汯捡汩穡瑩潮⁭楣牯獣潰礼⽲摦㩬椾㰯牤昺䅬琾㰯摣㩴楴汥㸼摣㩣牥慴潲㸼牤昺卥焾㱲摦㩬椾㰯牤昺汩㸼⽲摦㩓敱㸼⽤挺捲敡瑯爾㱤挺摥獣物灴楯渾㱲摦㩁汴㸼牤昺汩⁸浬㩬慮朽❸ⵤ敦慵汴✾㰯牤昺汩㸼⽲摦㩁汴㸼⽤挺摥獣物灴楯渾㰯牤昺䑥獣物灴楯渾਼⽲摦㩒䑆㸊㰯砺硭灭整愾ਠ††††††††††††††††††††††††††††††††††† ††††††††††††††††††††††††††††††††††††਼㽸灡捫整⁥湤㴧眧㼾੥湤獴牥慭੥湤潢樊硲敦ਰ″㜶ਰ〰〰〰〰〠㘵㔳㔠映ਰ〰〱㠸㄰㘠〰〰〠渠ਰ〰ㄸ㠷ㄵ㈠〰〰〠渠ਰ〰ㄸ㤴㐷〠〰〰〠渠ਰ〰〰㈷㠰㠠〰〰〠渠ਰ〰〰㈸〵㜠〰〰〠渠ਰ〰〰㌱㤷㌠〰〰〠渠ਰ〰ㄹ〱㌹㤠〰〰〠渠ਰ〰ㄹ〱㔵㈠〰〰〠渠ਰ〰〰㌱㤹㌠〰〰〠渠ਰ〰〰㌲㐰㐠〰〰〠渠ਰ〰〰㌲㘳〠〰〰〠渠ਰ〰ㄹ〱㜸㐠〰〰〠渠ਰ〰〰㌲㜰㈠〰〰〠渠ਰ〰〰㌲㜶㘠〰〰〠渠ਰ〰〰㌲㠳㠠〰〰〠渠ਰ〰〰㌲㤱〠〰〰〠渠ਰ〰ㄹ〱㠴㈠〰〰〠渠ਰ〰〰㌲㤸㈠〰〰〠渠ਰ〰〰㌴㤴㈠〰〰〠渠ਰ〰〰㌶㘴㌠〰〰〠渠ਰ〰〰㐲㠴㘠〰〰〠渠ਰ〰〰㐲㤴㐠〰〰〠渠ਰ〰〰㐲㤹㠠〰〰〠渠ਰ〰〰㔲㘴㤠〰〰〠渠ਰ〰〰㔳〱〠〰〰〠渠ਰ〰〰㔹ㄷㄠ〰〰〠渠ਰ〰〰㔹ㄹ㈠〰〰〠渠ਰ〰〰㔹㈶㐠〰〰〠渠ਰ〰〰㔹㌳㘠〰〰〠渠ਰ〰〰㔹㜲㜠〰〰〠渠ਰ〰〰㔹㤴㈠〰〰〠渠ਰ〰〰㘰ㄱ㔠〰〰〠渠ਰ〰〰㘰㌴㔠〰〰〠渠ਰ〰〰㘰㌷㈠〰〰〠渠ਰ〰〰㘰㔱㠠〰〰〠渠ਰ〰〰㘰㘱㐠〰〰〠渠ਰ〰〰㘰㤵㔠〰〰〠渠ਰ〰〰㘱〲㠠〰〰〠渠ਰ〰〰㘱ㄷ㌠〰〰〠渠ਰ〰〰㘱㈶㤠〰〰〠渠ਰ〰〰㘱㘱〠〰〰〠渠ਰ〰〰㘱㜵㘠〰〰〠渠ਰ〰〰㘱㠵ㄠ〰〰〠渠ਰ〰〰㘲ㄹ㌠〰〰〠渠ਰ〰〰㘲㈶㘠〰〰〠渠ਰ〰〰㘲㐱ㄠ〰〰〠渠ਰ〰〰㘲㔰㘠〰〰〠渠ਰ〰〰㘲㠴㠠〰〰〠渠ਰ〰〰㘲㤹ㄠ〰〰〠渠ਰ〰〰㘳〸㘠〰〰〠渠ਰ〰〰㘳㐳〠〰〰〠渠ਰ〰〰㘳㔰㌠〰〰〠渠ਰ〰〰㘳㘴㔠〰〰〠渠ਰ〰〰㘳㜴〠〰〰〠渠ਰ〰〰㘴〸㌠〰〰〠渠ਰ〰〰㘴ㄴ㜠〰〰〠渠ਰ〰〰㘴㈴㌠〰〰〠渠ਰ〰〰㘴㔸ㄠ〰〰〠渠ਰ〰〰㘴㘵㐠〰〰〠渠ਰ〰〰㘴㜵〠〰〰〠渠ਰ〰〰㘵〸㔠〰〰〠渠ਰ〰〰㘵ㄸㄠ〰〰〠渠ਰ〰〰㘵㔲㌠〰〰〠渠ਰ〰〰㘵㔹㘠〰〰〠渠ਰ〰〰㘵㘹㈠〰〰〠渠ਰ〰〰㘶〳㐠〰〰〠渠ਰ〰〰㘶ㄷ㤠〰〰〠渠ਰ〰〰㘶㈷㔠〰〰〠渠ਰ〰〰㘶㘱㜠〰〰〠渠ਰ〰〰㘶㘹〠〰〰〠渠ਰ〰〰㘶㠳㐠〰〰〠渠ਰ〰〰㘶㤳〠〰〰〠渠ਰ〰〰㘷㈷㈠〰〰〠渠ਰ〰〰㘷㌶㠠〰〰〠渠ਰ〰〰㘷㜰㤠〰〰〠渠ਰ〰〰㘷㜸㈠〰〰〠渠ਰ〰〰㘷㠷㠠〰〰〠渠ਰ〰〰㘸㈱㤠〰〰〠渠ਰ〰〰㘸㌱㔠〰〰〠渠ਰ〰〰㘸㘵㘠〰〰〠渠ਰ〰〰㘸㜲㤠〰〰〠渠ਰ〰〰㘸㠲㔠〰〰〠渠ਰ〰〰㘹ㄶ㘠〰〰〠渠ਰ〰〰㘹㌱㈠〰〰〠渠ਰ〰〰㘹㐰㠠〰〰〠渠ਰ〰〰㘹㜵〠〰〰〠渠ਰ〰〰㘹㠲㌠〰〰〠渠ਰ〰〰㘹㤶㠠〰〰〠渠ਰ〰〰㜰〶㐠〰〰〠渠ਰ〰〰㜰㐰㘠〰〰〠渠ਰ〰〰㠱㘱㔠〰〰〠渠ਰ〰〰㠱㜸〠〰〰〠渠ਰ〰ㄹ〱㤱㐠〰〰〠渠ਰ〰ㄹ〲㄰㘠〰〰〠渠ਰ〰〰㠲〱ㄠ〰〰〠渠ਰ〰〰㠲ㄹ㤠〰〰〠渠ਰ〰〰㠲㐲㘠〰〰〠渠ਰ〰〰㠲㐵㠠〰〰〠渠ਰ〰〰㠲㘴㈠〰〰〠渠ਰ〰〰㠲㠷㜠〰〰〠渠ਰ〰〰㠳〱㘠〰〰〠渠ਰ〰〰㠳㈶㐠〰〰〠渠ਰ〰〱〷㜷㜠〰〰〠渠ਰ〰〱〸〰㘠〰〰〠渠ਰ〰〱ㄱ㤲㤠〰〰〠渠ਰ〰〱ㄱ㤵ㄠ〰〰〠渠ਰ〰〱ㄵ㜶㐠〰〰〠渠ਰ〰〱ㄶ〹ㄠ〰〰〠渠ਰ〰〱ㄶ㌱〠〰〰〠渠ਰ〰〱ㄹ㐳㐠〰〰〠渠ਰ〰〱㈳〶㘠〰〰〠渠ਰ〰〱㈶ㄶ㜠〰〰〠渠ਰ〰〱㌰〷㘠〰〰〠渠ਰ〰〱㌳㌴㘠〰〰〠渠ਰ〰〱㌴㠶ㄠ〰〰〠渠ਰ〰〱㌵㈷ㄠ〰〰〠渠ਰ〰〱㌵㐹㠠〰〰〠渠ਰ〰〱㌵㠳㤠〰〰〠渠ਰ〰〱㌶〵㠠〰〰〠渠ਰ〰〱㌸㐷㤠〰〰〠渠ਰ〰〱㐱ㄳ㜠〰〰〠渠ਰ〰〱㐴ㄱ㘠〰〰〠渠ਰ〰〱㐶㜳㈠〰〰〠渠ਰ〰〱㐹㔲〠〰〰〠渠ਰ〰〱㔲㐰㜠〰〰〠渠ਰ〰〱㔵〹㜠〰〰〠渠ਰ〰〱㔸ㄶ㜠〰〰〠渠ਰ〰〱㘰㜷㔠〰〰〠渠ਰ〰〱㘲㈹㈠〰〰〠渠ਰ〰〱㘵㌵㌠〰〰〠渠ਰ〰〱㘵㘰㤠〰〰〠渠ਰ〰〱㠸㌳㘠〰〰〠渠ਰ〰〱㠹㠴㤠〰〰〠渠ਰ〰〱㠹㠷ㄠ〰〰〠渠ਰ〰〱㠹㤳㐠〰〰〠渠ਰ〰〱㤰㐸㐠〰〰〠渠ਰ〰〱㤱〷㌠〰〰〠渠ਰ〰〱㤱㐶㠠〰〰〠渠ਰ〰〱㤱㘸㐠〰〰〠渠ਰ〰〱㤱㜴㜠〰〰〠渠ਰ〰〱㤲ㄵ㤠〰〰〠渠ਰ〰〱㤲㘴㠠〰〰〠渠ਰ〰〱㤳ㄵ㐠〰〰〠渠ਰ〰〱㤳㔶㔠〰〰〠渠ਰ〰〱㤳㤷㘠〰〰〠渠ਰ〰〱㤴㌸㘠〰〰〠渠ਰ〰〱㤴㜹㘠〰〰〠渠ਰ〰〱㤵㈰㜠〰〰〠渠ਰ〰〱㤶㈳㐠〰〰〠渠ਰ〰ㄹ〲㌲㤠〰〰〠渠ਰ〰ㄹ〲㜱㘠〰〰〠渠ਰ〰ㄹ〳〴㠠〰〰〠渠ਰ〰ㄹ〳㜸㜠〰〰〠渠ਰ〰ㄸ㔸㔹㘠〰〰〠渠ਰ〰ㄸ㔸㘵㔠〰〰〠渠ਰ〰ㄸ㔸㠳㌠〰〰〠渠ਰ〰ㄸ㜵㐶㜠〰〰〠渠ਰ〰ㄸ㜵㜳㘠〰〰〠渠ਰ〰ㄸ㠳㠴㌠〰〰〠渠ਰ〰ㄹ〴㈹ㄠ〰〰〠渠ਰ〰ㄹ〴㐹㌠〰〰〠渠ਰ〰ㄸ㠳㠶㔠〰〰〠渠ਰ〰ㄸ㠴㈲㠠〰〰〠渠ਰ〰ㄸ㠴㐹〠〰〰〠渠ਰ〰ㄸ㠴㘴㌠〰〰〠渠ਰ〰ㄹ〴㜶㔠〰〰〠渠ਰ〰ㄹ〵㈵㘠〰〰〠渠ਰ〰ㄹ〵㘰㌠〰〰〠渠ਰ〰ㄹ〵㠰㜠〰〰〠渠ਰ〰ㄸ㠴㠷ㄠ〰〰〠渠ਰ〰ㄸ㠵〶㠠〰〰〠渠ਰ〰ㄸ㠵㌰㔠〰〰〠渠ਰ〰ㄸ㠷㔷ㄠ〰〰〠渠ਰ〰ㄸ㤴㌳㘠〰〰〠渠ਰ〰ㄹ〶〵㐠〰〰〠渠ਰ〰ㄹ〶㈶㔠〰〰〠渠ਰ〰ㄸ㤴㌵㠠〰〰〠渠ਰ〰ㄸ㤴㠱㜠〰〰〠渠ਰ〰ㄹ〱㈷㠠〰〰〠渠ਰ〰ㄹ〱㌰〠〰〰〠渠ਰ〰〰㐳〹㤠〰〰〠渠ਰ〰ㄸ㠵㐴㌠〰〰〠渠ਰ〰〰㠳㐱㐠〰〰〠渠ਰ〰〰㠳㜵ㄠ〰〰〠渠ਰ〰ㄸ㠶〵㐠〰〰〠渠ਰ〰ㄹ〶㔴㜠〰〰〠渠ਰ〰〱㘵㜵㈠〰〰〠渠ਰ〰〱㜴㜱ㄠ〰〰〠渠ਰ〰ㄹ〶㠴㌠〰〰〠渠ਰ〰〱〲㐶㌠〰〰〠渠ਰ〰〱㠲㤱㘠〰〰〠渠ਰ〰〱〲㜸㠠〰〰〠渠ਰ〰ㄹㄲ㌸ㄠ〰〰〠渠ਰ〰ㄹㄲ㠵㐠〰〰〠渠ਰ〰ㄹㄵ㔶㠠〰〰〠渠ਰ〰ㄸ㠶㌳ㄠ〰〰〠渠ਰ〰ㄹㄶ㜷㠠〰〰〠渠ਰ〰ㄹ㈴㘷㘠〰〰〠渠ਰ〰ㄸ㔸㤰㘠〰〰〠渠ਰ〰ㄹ㈵〴〠〰〰〠渠ਰ〰〰㔲㈰㘠〰〰〠渠ਰ〰ㄸ㠶㠲㈠〰〰〠渠ਰ〰〱〶㤰㜠〰〰〠渠ਰ〰〱〶㤹㜠〰〰〠渠ਰ〰ㄸ㠶㤶〠〰〰〠渠ਰ〰〱㠷ㄱ㐠〰〰〠渠ਰ〰〱㠷㔵㠠〰〰〠渠ਰ〰ㄹ㈶㄰㐠〰〰〠渠ਰ〰〱〷㐳㌠〰〰〠渠ਰ〰〱㠷㠳㤠〰〰〠渠ਰ〰〱〷㔳㌠〰〰〠渠ਰ〰ㄸ㠷〵㔠〰〰〠渠ਰ〰ㄹ㈶ㄸ㠠〰〰〠渠ਰ〰ㄹ㈶㈷㔠〰〰〠渠ਰ〰ㄸ㜵〵㈠〰〰〠渠ਰ〰ㄹ㈶㠵㠠〰〰〠渠ਰ〰ㄹ㈶㠸〠〰〰〠渠ਰ〰ㄹ㈷〳㤠〰〰〠渠ਰ〰ㄹ㈷ㄹ㠠〰〰〠渠ਰ〰ㄹ㈷㌵㘠〰〰〠渠ਰ〰ㄹ㈷㔱㔠〰〰〠渠ਰ〰ㄹ㈷㘷㈠〰〰〠渠ਰ〰ㄹ㈷㠳〠〰〰〠渠ਰ〰ㄹ㈷㤸㠠〰〰〠渠ਰ〰ㄹ㈸ㄴ㜠〰〰〠渠ਰ〰ㄹ㈸㌰㘠〰〰〠渠ਰ〰ㄹ㈸㐶㐠〰〰〠渠ਰ〰ㄹ㈸㘲㌠〰〰〠渠ਰ〰ㄹ㈸㜸ㄠ〰〰〠渠ਰ〰ㄹ㈸㤳㤠〰〰〠渠ਰ〰ㄹ㈹〹㠠〰〰〠渠ਰ〰ㄹ㈹㈵㜠〰〰〠渠ਰ〰ㄹ㈹㐱㘠〰〰〠渠ਰ〰ㄹ㈹㔷ㄠ〰〰〠渠ਰ〰ㄹ㈹㜳〠〰〰〠渠ਰ〰ㄹ㈹㠸㤠〰〰〠渠ਰ〰ㄹ㌰〴㜠〰〰〠渠ਰ〰ㄹ㌰㈰㔠〰〰〠渠ਰ〰ㄹ㌰㌶㐠〰〰〠渠ਰ〰ㄹ㌰㐳㤠〰〰〠渠ਰ〰ㄹ㌰㔴㔠〰〰〠渠ਰ〰ㄹ㌰㘲㈠〰〰〠渠ਰ〰ㄹ㌰㜲㤠〰〰〠渠ਰ〰ㄹ㌰㜹㤠〰〰〠渠ਰ〰ㄹ㌰㤵㠠〰〰〠渠ਰ〰ㄹ㌱ㄱ㘠〰〰〠渠ਰ〰ㄹ㌱㈷㔠〰〰〠渠ਰ〰ㄹ㌱㐳㈠〰〰〠渠ਰ〰ㄹ㌱㔰㜠〰〰〠渠ਰ〰ㄹ㌱㘱㌠〰〰〠渠ਰ〰ㄹ㌱㘹〠〰〰〠渠ਰ〰ㄹ㌱㜹㜠〰〰〠渠ਰ〰ㄹ㌱㠶〠〰〰〠渠ਰ〰ㄹ㌱㤲㠠〰〰〠渠ਰ〰ㄹ㌱㤷㈠〰〰〠渠ਰ〰ㄹ㌲〲〠〰〰〠渠ਰ〰ㄹ㌲㄰㌠〰〰〠渠ਰ〰ㄹ㌲ㄴ㜠〰〰〠渠ਰ〰ㄹ㌲㈳〠〰〰〠渠ਰ〰ㄹ㌲㈷㐠〰〰〠渠ਰ〰ㄹ㌲㌷㠠〰〰〠渠ਰ〰ㄹ㌲㐲㈠〰〰〠渠ਰ〰ㄹ㌲㐶㘠〰〰〠渠ਰ〰ㄹ㌲㔱〠〰〰〠渠ਰ〰ㄹ㌲㔵㐠〰〰〠渠ਰ〰ㄹ㌲㔹㠠〰〰〠渠ਰ〰ㄹ㌲㘴㈠〰〰〠渠ਰ〰ㄹ㌲㜳㤠〰〰〠渠ਰ〰ㄹ㌲㠹㜠〰〰〠渠ਰ〰ㄹ㌳〵㔠〰〰〠渠ਰ〰ㄹ㌳㈱㐠〰〰〠渠ਰ〰ㄹ㌳㌷㐠〰〰〠渠ਰ〰ㄹ㌳㔳㌠〰〰〠渠ਰ〰ㄹ㌳㘹㈠〰〰〠渠ਰ〰ㄹ㌳㠵ㄠ〰〰〠渠ਰ〰ㄹ㌴〱ㄠ〰〰〠渠ਰ〰ㄹ㌴ㄷ〠〰〰〠渠ਰ〰ㄹ㌴㌲㠠〰〰〠渠ਰ〰ㄹ㌴㐸㔠〰〰〠渠ਰ〰ㄹ㌴㔶〠〰〰〠渠ਰ〰ㄹ㌴㘶㘠〰〰〠渠ਰ〰ㄹ㌴㜴㌠〰〰〠渠ਰ〰ㄹ㌴㠵〠〰〰〠渠ਰ〰ㄹ㌵〰㠠〰〰〠渠ਰ〰ㄹ㌵ㄶ㔠〰〰〠渠ਰ〰ㄹ㌵㌲㈠〰〰〠渠ਰ〰ㄹ㌵㌹㜠〰〰〠渠ਰ〰ㄹ㌵㔰㌠〰〰〠渠ਰ〰ㄹ㌵㔸〠〰〰〠渠ਰ〰ㄹ㌵㘸㜠〰〰〠渠ਰ〰ㄹ㌵㠴㐠〰〰〠渠ਰ〰ㄹ㌵㤱㤠〰〰〠渠ਰ〰ㄹ㌶〲㔠〰〰〠渠ਰ〰ㄹ㌶㄰㈠〰〰〠渠ਰ〰ㄹ㌶㈰㤠〰〰〠渠ਰ〰ㄹ㌶㌷〠〰〰〠渠ਰ〰ㄹ㌶㔳ㄠ〰〰〠渠ਰ〰ㄹ㌶㘸㤠〰〰〠渠ਰ〰ㄹ㌶㠴㠠〰〰〠渠ਰ〰ㄹ㌷〰㜠〰〰〠渠ਰ〰ㄹ㌷ㄶ㘠〰〰〠渠ਰ〰ㄹ㌷㌲㈠〰〰〠渠ਰ〰ㄹ㌷㐸〠〰〰〠渠ਰ〰ㄹ㌷㘳㤠〰〰〠渠ਰ〰ㄹ㌷㜹㜠〰〰〠渠ਰ〰ㄹ㌷㤵㘠〰〰〠渠ਰ〰ㄹ㌸ㄱ㌠〰〰〠渠ਰ〰ㄹ㌸ㄸ㠠〰〰〠渠ਰ〰ㄹ㌸㈹㐠〰〰〠渠ਰ〰ㄹ㌸㌷ㄠ〰〰〠渠ਰ〰ㄹ㌸㐷㠠〰〰〠渠ਰ〰ㄹ㌸㘵ㄠ〰〰〠渠ਰ〰ㄹ㌸㠵㐠〰〰〠渠ਰ〰ㄹ㌹〲〠〰〰〠渠ਰ〰ㄹ㌹㈰㤠〰〰〠渠ਰ〰ㄹ㌹㐱㘠〰〰〠渠ਰ〰ㄹ㌹㘲ㄠ〰〰〠渠ਰ〰ㄹ㌹㠲㘠〰〰〠渠ਰ〰ㄹ㐰〰㈠〰〰〠渠ਰ〰ㄹ㐰ㄹ㔠〰〰〠渠ਰ〰ㄹ㐰㌶㠠〰〰〠渠ਰ〰ㄹ㐰㔷〠〰〰〠渠ਰ〰ㄹ㐰㜶㌠〰〰〠渠ਰ〰ㄹ㐰㤵㐠〰〰〠渠ਰ〰ㄹ㐱ㄴ㘠〰〰〠渠ਰ〰ㄹ㐱㌱㤠〰〰〠渠ਰ〰ㄹ㐱㔲㔠〰〰〠渠ਰ〰ㄹ㐱㜲㤠〰〰〠渠ਰ〰ㄹ㐱㤳㌠〰〰〠渠ਰ〰ㄹ㐲ㄱ㐠〰〰〠渠ਰ〰ㄹ㐲㈸㈠〰〰〠渠ਰ〰ㄹ㐲㐵㠠〰〰〠渠ਰ〰ㄹ㐲㘳㌠〰〰〠渠ਰ〰ㄹ㐲㠰㔠〰〰〠渠ਰ〰ㄹ㐲㤷㐠〰〰〠渠ਰ〰ㄹ㐳ㄵ㔠〰〰〠渠ਰ〰ㄹ㐳㌳ㄠ〰〰〠渠ਰ〰ㄹ㐳㔲㠠〰〰〠渠ਰ〰ㄹ㐳㜴㤠〰〰〠渠ਰ〰ㄹ㐳㤶㠠〰〰〠渠ਰ〰ㄹ㐴ㄸ㜠〰〰〠渠ਰ〰ㄹ㐴㌴㐠〰〰〠渠ਰ〰ㄹ㐴㐱㤠〰〰〠渠ਰ〰ㄹ㐴㔲㔠〰〰〠渠ਰ〰ㄹ㐴㘰㈠〰〰〠渠ਰ〰ㄹ㐴㜰㤠〰〰〠渠ਰ〰ㄹ㐴㠸ㄠ〰〰〠渠ਰ〰ㄹ㐵〵㜠〰〰〠渠ਰ〰ㄹ㐵㈵㘠〰〰〠渠ਰ〰ㄹ㐵㐷㤠〰〰〠渠ਰ〰ㄹ㐵㜰〠〰〰〠渠ਰ〰ㄹ㐵㤲ㄠ〰〰〠渠ਰ〰ㄹ㐶〹㈠〰〰〠渠ਰ〰ㄹ㐶㈶㈠〰〰〠渠ਰ〰ㄹ㐶㐳㤠〰〰〠渠ਰ〰ㄹ㐶㘱㔠〰〰〠渠ਰ〰ㄹ㐶㜸㜠〰〰〠渠ਰ〰ㄹ㐶㤶㈠〰〰〠渠ਰ〰ㄹ㐷ㄸ㜠〰〰〠渠ਰ〰ㄹ㐷㌸㠠〰〰〠渠ਰ〰ㄹ㐷㔶〠〰〰〠渠ਰ〰ㄹ㐷㜳ㄠ〰〰〠渠ਰ〰ㄹ㐷㤲㘠〰〰〠渠ਰ〰ㄹ㐸〸㔠〰〰〠渠ਰ〰ㄹ㐸㈴㌠〰〰〠渠ਰ〰ㄹ㐸㌹㤠〰〰〠渠ਰ〰ㄹ㐸㔵㐠〰〰〠渠ਰ〰ㄹ㐸㜱ㄠ〰〰〠渠ਰ〰ㄹ㐸㜸㘠〰〰〠渠ਰ〰ㄹ㐸㠹㈠〰〰〠渠ਰ〰ㄹ㐸㤶㤠〰〰〠渠ਰ〰ㄹ㈶㌷〠〰〰〠渠ਰ〰ㄹ㈶㘷ㄠ〰〰〠渠ਰ〰ㄹ㈶㜸ㄠ〰〰〠渠ਰ〰ㄹ㐹〷㘠〰〰〠渠ੴ牡楬敲਼㰯卩穥″㜶㸾ੳ瑡牴硲敦ਲ㈱ਥ╅但�

